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This quantitative predictive study examines the influence of attitude, subjective norm 
(peer pressure) and perceived behavioral control on whether adjunct faculty will or will not 
utilize instructional technology in their classroom. Based on the Decomposed theory of planned 
behavior (Taylor & Todd, 1995) a survey of 286 adjunct faculty was conducted in a mid-western 
state-wide university and college system. The study also explored the working conditions of 
adjunct faculty which hinder their teaching withing the classroom. The finding shows the while 
attitude and subjective norm are statistically significant predictors of user’s intention, perceived 
behavioral control is the strongest predictor of intention to use instructor technology. However, 
current behavioral control by adjunct faculty is hindered by existing working conditions found 
within higher educational organizations. 
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Chapter 1: Introduction 
 
On the March 11, 2020, the World Health Organization (WHO) declared the virus as 
severe acute respiratory syndrome coronavirus 2 (SARS-COV-2), or COVID-19  to be a global 
pandemic. The world people used to know has changed drastically. Health organizations and 
government leaders are encouraging social distancing to slow the spread of the virus (Laupacis, 
A., 2020). In the field of education, however, social distancing is not conducive to traditional 
brick-and-mortar institutions of higher education (Ali, W., 2020). University classrooms and 
auditoriums remain mostly empty due to COVID-19’s ability to spread rapidly in crowded areas 
(Ali, W., 2020). As states implemented stay-at-home orders, IHE leaders had to quickly 
determine how to switch to remote learning or face immediate economic collapse. Hodges et al. 
(2020) termed this shift “emergency remote teaching,” as a means to differentiate it from 
traditional online learning. Online learning has always been contentious and some in higher 
education question its effectiveness in impacting student learning. However, I selected to focus 
on adjunct faculty in higher education due to their growing usage as instructors (Ferencz, 2017). 
Although this study began prior to the onset of the pandemic, I quickly realized that both tenure 
stream and adjunct faculty may have differing views of technology based on the pandemic’s 
impact on academics and modalities of teaching. 
The prevalent modality of learning in IHEs is face-to-face teaching, followed by blended 
formats, with instruction delivered both in the classroom and online (Watty et al., 2016). In the 
2015–2016 school year, the U.S. Department of Education reported 19.8 million students 




(Snyder et al., 2019, p. 209). The “new normal” of COVID-19 has rapidly changed the delivery 
of education, requiring secondary and postsecondary schools to shift quickly to remote learning 
environments. Hodges et al. (2020) asserted that the often-stigmatized online learning format 
would result in inexperienced faculty unable to maximize their use of the online format. Amid 
the COVID-19 pandemic, IHE leaders are uncertain of the future. Schools continue to operate, 
balancing the desire to return to brick-and-mortar modalities while offering the safety of hybrid 
or remote instruction. Institutions of higher education must also learn how to adapt. While 2020 
has been described as one of the most daunting periods of this generation (Morens et al., 2020; 
Neuwirth et al., 2020), it is also an opportunity for new and dynamic changes. The pandemic has 
forced society to change almost every aspect of life. There are few times a researcher can 
examine a drastic change in an organizational operation by utilizing technologies as the primary 
modality of instruction. With this study, I am in a unique position to assess users’ intentions 
before and during the COVID-19 pandemic.  
Ongoing state budget cuts for IHEs have led to stagnant instructional technology (IT) 
expenditures in the face of shifting government accountability (Green, 2019). The COVID-19 
pandemic has brought about a new dilemma, as IHEs are uncertain when they will be able to 
have regular, on-campus learning or if they must continue to offer hybrid or remote learning 
(Ali, V., 2020). Institutions encourage the expectation for faculty to use the provided technology 
to its fullest, therefore  justifying the financial investment in IT. As I approached my study of 
adjunct faculty user intentions during this unique period, the need to know more about the 
professional lives of adjunct faculty from a leadership lens became apparent. Merriam-Webster 




“temporary” nature of the position warrants further discussion on how organizational structures 
within IHEs accommodate adjunct faculty and, more importantly, the professional role of adjunct 
faculty. In the following sections, I explore this context in more detail. 
Purpose of the Study 
The purpose of this quantitative, predictive study was to examine factors influencing 
adjunct faculty intention to use or not use IT based on the decomposed theory of planned 
behavior (DTPB). Adjunct faculty are a growing segment of postsecondary education, with 
increases predicted to continue in the face of declining enrollments, decreased state 
appropriations, and increasing tuition costs (Kezar & Maxey, 2016). As this population of 
educators has grown in universities and colleges, demands for IT have increased as well. This 
study contributes to the at-present limited research on factors influencing adjunct faculty use of 
IT (i.e., user intention) in the classroom. The study was also an investigation of how attitude, 
perceived behavioral control, and subjective norm (peer pressure) influence the intention to use 
technology. 
In this chapter, I discuss the background of the topic and purpose of the research, 
followed by a description of the problem and theoretical framework guiding the topic. The 
chapter continues with a closer look at the research questions. Finally, I explore the significance 
of the study, definitions of terms, and assumptions and limitations before concluding with a 
summary. 
Research Questions 
The research questions and hypothesis for this study were:  




Ho1: Attitude does not significantly predict adjunct faculty intention to use 
technology. 
H1: Attitude significantly predicts adjunct faculty intention to use technology. 
R2: To what extent does subjective norm (peer pressure) influence adjunct faculty 
intention to use technology? 
Ho2: Subjective norm (peer pressure) does not significantly influence adjunct faculty 
intention to use technology 
H2: Subjective norm (peer pressure) significantly influences adjunct faculty intention 
to use technology. 
R3: To what extent does perceived behavioral control influence adjunct faculty intention 
to use technology? 
Ho3: Perceived behavioral control does not significantly influence adjunct faculty 
intention to use technology. 
H3: Perceived behavioral control significantly influences adjunct faculty intention to 
use technology. 
Methodological Overview 
Quantitative research is appropriate to compare variables and examine the potential 
existing between these variables (Creswell, 2014; McCusker & Gunaydin, 2015). As IHEs offer 
more online courses and increase their use of adjunct faculty members, it is imperative to 
maximize the impact of technology in the classroom. Inevitably, a key part of maximizing IT 
means obtaining a clear understanding of why personnel (i.e., adjunct faculty) are selecting when 




It is critical to understand the internal and external factors influencing adjunct faculty 
user intention, as these instructors are facing a growing population of students desiring more in-
classroom use of technology (Brooks & Pomerantz, 2017). If IHE leaders expect adjunct faculty 
to engage in IT, they should understand why a faculty member will opt to use or not use IT in the 
classroom under prepandemic conditions. This study reveals some of the variables and 
conditions influencing an adjunct faculty member’s decision to utilize IT in the classroom.  
Theoretical Framework 
The theoretical framework undergirding this study is the decomposed theory for planned 
behavioral (DTPB; Taylor & Todd, 1995). The DTPB is an extension of the theory of planned 
behavior by which one can examine how attitudes, subjective norms, and behavioral perceptions 
influence an individual’s intent to act (Ajzen, 1991; Renda dos Santos & Okazaki, 2016). The 
primary reason for the selection of this theory is based on its expansion of user’s intention 
beyond perceived usefulness and perceived ease of use. Rather, it delves into constructs which 
provide a more in-depth analysis of intentions (Ahmed & Ward, 2016). The premise of DTPB is 
that there are constructs which influence the three variables influencing user-intentions to use 
technology. When examining attitude, the belief is a person will consider how compatible the 
technology is to their work, how easy the tool is to use, and how useful they perceive the tool 
(Ahmed & Ward, 2016). The variable subjective norm or peer pressure is influenced by the 
pressure exerted by supervisors, colleagues, and students. Finally, perceived behavioral control is 
impacted by the available resources such as professional development or technology and self-






Decomposed Theory of Planned Behavior (DTPB) 
Note. Adapted from “Understanding Information Technology Usage: A Test of Competing 
Models,” by S. Taylor and P. Todd, 1995, Information Systems Research, 6, pp. 144-176. 
Copyright 1995 by INFORMS PubsOnline. 
 
Instructional Technology 
The term instructional technology (IT) has a broad range of meanings, including 
computers, software, or other tools used for teaching and learning (Chowdhury, 2015; John, 
2015). For the purpose of this study, it is important to clarify the term as a language construct. 
One of the most used technologies in higher education is learning management systems (LMS), 





























organize content, among other tasks (Wichadee, 2015). Among the higher levels of IT are 
animation, hands-on stimulations, and educational gaming (Marzilli et al., 2014). This study did 
not use a narrow definition. Because exposure and access to IT varies among adjunct faculty, it is 
necessary that participants answer questions based on how they define technology. Some 
respondents will have had little prior exposure to IT and LMS as an integral aspect of their 
instructional delivery beyond course management; thus, they might deem creating a classroom 
blog as using IT. In contrast, other participants could be more advanced, having a wealth of 
classroom IT interaction. The survey instrument allowed all participants to describe how and 
why they use specific IT. 
Significance  
Much of the literature on IHE technology pertains to IHE cost and faculty responsibility 
(Alharthi et al., 2015; Watty et al., 2016). The need to analyze the costs and benefits of 
significant IT investments based on user intention theory is critical, especially as IHEs struggle 
to justify the costs and benefits of such investments (Green, 2018). Scholars have conducted 
significant research as online courses grow in popularity, exploring “how-to” learn to teach with 
this modality (Herman, 2012). However, this study adds to the limited research on user 
intentions and adjunct faculty, deepening the understanding of adjunct faculty use of technology 
and the factors influencing this use. The findings of this study show unique user intention 
characteristics of adjunct faculty provide critical information for supporting a growing 





Several of the words and phrases used in this research are specific to the context of the 
study. I offer the following definitions to familiarize the reader with the terms so that they have 
more clarity about the content.  
Adjunct faculty: A person hired to teach courses on a part-time basis. Adjunct faculty are 
employed by contract to teach one to three courses per term. This population is one of the 
fastest-growing contingents of faculty within IHEs. Average adjunct pay is $3,000 per 
three-credit-hour semester course, with no benefits or guaranteed employment (Buch et 
al., 2017). 
Attitude: The way someone feels about something, whether positive, negative, or neutral 
(Chen & Price, 2006). As applied to this study, individuals who have had a difficult 
experience with IT might hold negative attitudes toward its use in the classroom. 
Compatibility: The extent to which the use of technology aligns with the values, tasks, 
and needs of the user (Sadaf et al., 2012). A faculty member could have a pedological 
view about teaching specific content in class for which IT is not a compatible mode of 
delivery. 
Computer anxiety: “An individual’s apprehension, or even fear, when she/he is faced 
with the possibility of using computers” (Alenezi & Karim, 2010 p. 23). This anxiety can 
stem from experiences or beliefs in one’s ability to engage with the technology. 
DTPB: Decomposed theory of planned behavior 
IHE: Institution of Higher Education 




LMS: Learning Management Systems 
Assumptions and Limitations 
Five assumptions were necessary to conduct this study of technology use in the 
classroom, as measured by a self-report survey of adjunct faculty (see Appendix A). One 
assumption was that participating faculty members would answer questions honestly, providing 
their true perceptions and experiences regarding their use of IT. Another assumption was that 
DTPB is an appropriate framework to measure user intention, resulting in data that are both 
reliable and valid. Additional assumptions included that many adjunct faculty teach at more than 
one school, find little support available for training in IT, and tend to be younger and newer to 
the field, with less teaching experience. These assumptions impacted the findings of this study, 
creating uncertainty regarding the accuracy of participants’ responses amid external factors. 
 One limitation of this study was that personal perceptions of user intentions might not 
match the reality of individual behaviors. Because conducting this study was concurrent with a 
global pandemic in which most people had limited social interaction, most higher education 
learning was taking place remotely, outside of campuses. The extent to which COVID-19 has 
affected faculty members is unknown. Impacts could include the participant or a family member 
contracting the virus, the sudden need to homeschool children, unemployment of someone in the 
household, and the psychological effects of stress and social distancing. How engaged adjunct 
faculty are under the circumstances was not clear. Additionally, the adjustment of changing 
learning modalities to online learning can be highly stressful depending on the faculty members’ 
experience, potentially influencing how participants respond to questions about technology use. 




composed of 30 colleges and seven universities. In order to graduate within the program timeline 
less time was spent actively recruiting participants from a diverse pool of schools. Two colleges 
opted out of the study; therefore, their adjunct faculty were not part of the data. The survey did 
not include any open-ended questions; therefore, additional narrative explanation was not 
provided. Time constraints and comfort level in qualitative research were factors influencing the 
pursuit of a mixed-method approach. 
Positionality Statement 
In my experience as a graduate student, I realized there is a wide range of usage and 
knowledge between departments and among faculty. There are course interactions in which the 
learning management system and email are the only technology used by faculty which may entail 
the collection of papers or other assignments, distribution of articles and other resources, and 
classroom discussion. While other faculty may use technology more often and for broader hands-
on activities. This is all dependent on various factors both internal and external. However, as an 
organization, my question is how to best provide instructional technology which is being used to 
its fullest potential by faculty which are serving the needs of the student and aligning with the 
mission of the institution. This becomes an issue of being fiscally responsible and intentional 
when examining all technology purchases. 
The lens I brought to this research is one in which I have some reluctancy in the 
abundancy of technology in the classroom and question the intentional use with students. My 
prior professional experience has been within K-12 administration and I often found myself 
asking teacher’s, “why is this tool more effective at teaching all of our students?;”? or “rather 




achievement for our lower performing students and promotes equity.” As a woman of color with 
children, I am constantly concerned the latest “gadgets” are not designed for the marginalized 
students. 
Another strong bias is that I am a strong union advocate and wife of the president of a 
major industrial local union. My position will always lean towards workers having livable 
wages, benefits, and promotional opportunities. My bias is strong and had to be monitored to 
ensure it did not influence my ability to objectively analyze my data. However, I feel certain that 
due to the quantitative nature of this study, any bias was reduced. 
Summary 
In this chapter, I provided an introduction and overview of this research study. The 
purpose of this study was to understand what variables influence an adjunct faculty member’s 
decision to use IT in the classroom. The literature indicates there are increased expectations for 
both full-time and adjunct faculty to implement classroom IT use (Marzilli et al., 2014). The 
theoretical framework guiding this study, DTPB (Taylor & Todd, 1995), is an extension of the 
TPB by which attitudes, subjective norms, and behavioral perceptions influence an individual’s 
intent to act (Ajzen, 1991; Renda dos Santos & Okazaki, 2016). Participant responses to a self-
reported survey answered the study’s three research questions by showing potential relationships 
between variables, necessitating a quantitative approach rather than qualitative. The study is 
significant because it contributes to the growing literature on user-intention which serve to 
inform those in position to support adjunct faculty technology capacity. By completing this 





In Chapter 2, I provide a brief overview of the historical use of IT in higher education, 
technologies, and distance learning in today’s IHEs and faculty preparation. Afterwards, an 
extensive review of literature guided by the theoretical framework of DTPB. Chapter 3 includes 
a detailed description of the research methodology and design used for this study, as well as the 
target population and sampling, data collection and analysis processes, and ethical 
considerations. After the data collection and analysis, Chapter 4  presents the findings of the 
study in response to each of the three research questions, followed by an overall synthesis. 
Chapter 5 includes the conclusions and limitations of the study as well as a discussion of what I 





Chapter 2: Literature Review 
  This chapter presents an overview of the organizational structure of higher education 
and the role of all faculty and IT use. Followed by a brief description of commonly utilized IT 
and the increasing usage of distance education. There is a discussion of how faculty obtain 
training on using IT in the classroom followed by common themes within  user intention 
literature highlighting some of the theoretical positions. The purpose of the overview is to 
provide an understanding of past and current practices around faculty IT usage in IHE’s. This is 
important as it allows understanding of the evolution of IT in IHE and its impact both negatively 
and positively. Finally, I delve into the common themes generated based on research from the 
decomposed theory of planned behavioral (DTPB) specific to how attitude, perceived behavior 
control, and subjective norms influence the intent to use technology. The literature also 
fluctuates in determining which variables have a stronger positive statistically significant 
compared to other variables in DTPB. 
Organizational Structures in Higher Education: Supporting Traditional Faculty 
A traditional image of IHEs is as campuses comprised of old brick, ivy-covered, 
cathedral-style buildings, with classes taught by full-time, tenure-track faculty who taught and 
researched exclusively at the university (Champlin & Knoedler, 2017). Historically, faculty 
members taught a specified number of courses each semester, maintaining regular office hours as 
posted on their office doors (Meixner et al., 2010). This image is no longer the case at many of 
today’s IHEs, where office buildings might stand in place of campuses and adjunct faculty have 
replaced many of the full-time professors. There are many barriers at IHEs hindering the success 




access to professional development, course assignments, and comparable pay and benefits 
(Champlin & Knoedler, 2017). In the forthcoming sections, I briefly describe and detail these 
access barriers.  
The Role of Adjunct Faculty in Higher Education 
There is a common misconception that college professors are highly respected employees 
who function independently in a high-status position with job security (Minnotte & Pedersen, 
2019); the reality, however, is quite different. Adjunct faculty are nontenured, part-time 
employees paid by the course or on a yearly contract (Caruth & Caruth, 2013; Nica, 2018). The 
use of adjunct faculty has risen over the last two decades (Flaherty, 2017), a trend that continues 
to grow. In 2016, 69% of faculty at public four-year institutions were full-time (Synder et al., 
2019). Hiring adjunct faculty is considered a cost savings to IHEs, as these instructors work for 
lower compensation and without benefits (Caruth & Caruth, 2013). Part-time faculty do not have 
the protection of tenure, a protection believed to protect faculty members’ freedom to speak and 
research without fear of retribution (American Association of University Professors [AAUP], 
2018). Additionally, achieving tenure would afford faculty a permanent position, barring any 
unforeseen adverse circumstances (Dean & Clarke, 2019). However, many IHE’s have moved 
away from hiring tenured tracked position due to budgetary constraints which has been 
aggravated by COVID-19 (Alleman, & Haviland, 2017). It is under the realities of this situation 
which does not appear to be changing in the near future. 
Research exploring the lives and working conditions of adjunct faculty is increasing 
(Buch et al., 2017; Halcrow & Olson, 2008; Kezar & Maxey, 2016); even so, questions remain 




increasing presence, adjunct faculty are essential personnel on campuses throughout the United 
States (Buch et al., 2017). However, adjunct faculty usually have little lead time to prepare for 
courses, less time for mentoring or support, limited time to provide direct attention to students, 
and low compensation (Hose & Ford, 2014; Meixner et al., 2010). This is clear in the research by 
Meixner et al. (2010) wherein they examined the experiences of 277 adjunct faculty as they 
navigated their institutions. The key findings of their survey were faculty’s perceptions that they 
did not receive institutional or departmental communication and outreach, lacked student 
engagement, struggled with work–life integration, felt disconnected from the academic 
community, and did not have adequate opportunities to develop skills. Further explanation of 
these findings is warranted, echoing commonly found narratives within the literature and directly 
ties into adjunct faculty attitudes toward IT use in the classroom. 
Most adjunct faculty do not have set office hours or a designated office space in which to 
meet with students (Halcrow & Olson, 2008). Hose and Ford (2014) confirmed this disconnect 
based on their own experiences as adjunct faculty. One scholar related teaching online in 
isolation from other instructors while adjusting office hours to meet students’ needs, which often 
meant working hours well beyond traditional expectations (Bickerstaff & Chavarín, 2018). 
Another shared driving 45 minutes one way to teach a course and quickly having to leave for 
another teaching assignment (Nica, 2018). Both recalled having little time to interact with 
students or faculty. This suggests adjunct faculty are often over-worked and have limited time to 
engage with students (Ferencz, 2017). 
Many believe adjunct faculty are those who have another full-time position (Ferencz, 




(mis)perception that adjunct faculty prefer their part-time status over full-time positions is 
notably different from the reality (Wagoner, 2019). However, the literature consistently suggests 
most adjunct faculty would prefer to be employed full-time at their institution. Paver et al. (2013) 
found 63.48% of adjunct faculty surveyed desired full-time employment, with just 32.17% 
employed full-time in another position. Wagoner (2019) identified two distinct types of part-time 
faculty: those desiring a full-time academic position and those who have fulfilling positions 
outside of academia. This dichotomy reveals an overwhelming majority of adjunct faculty would 
seek more permanent full-time employment if such an opportunity were to arise.   
Adding to the research is the notion that adjunct faculty have difficulties with student 
retention, engagement, achievement, and graduation (Meixner et al., 2010). In a study of 88 
adjunct faculty members’ experiences at a four-year college, Curtis et al. (2016) found consistent 
concerns with a lack of communication, difficulty keeping students engaged, work-life balance, 
community disconnect, and a lack of professional development. Curtis et al. went on to identify 
noteworthy differences between adjunct faculty who desire to work part-time and those who 
involuntarily worked part-time. Involuntary part-time faculty strongly believed there was a lack 
of job security, inadequate compensation, and the perception of being undervalued in their 
department (Bickerstaff, & Chavarín, 2018; Binford, 2017). These findings were significant 
when comparing voluntary and involuntary adjunct faculty in the sense that, overall, voluntary 
part-time faculty were highly content with their role as an adjunct.  
Types of Adjunct Faculty 
There are different types of adjunct faculty in higher education (Mandernach et al., 2015). 




adjuncts, often having retired or holding full-time careers outside of teaching. The other group is 
adjunct faculty who desire full-time work and might perceive their role as a steppingstone toward 
obtaining a coveted full-time position (Wagoner, 2019). Mandernach et al. (2015) described two 
distinct groups as one being the highly skilled scholar working outside of academia and the other 
less skilled with a traditional academic background seeking a full-time faculty appointment. In 
addition to those two groups are freelancers, those holding two or more part-time jobs but not 
seeking full-time positions. However, scholars classify themselves, a significant portion of the 
literature on adjunct faculty members seeking full-time employment shows them to often be 
discouraged with the working conditions and overall dissatisfaction with serving in part-time 
roles (Buch et al., 2017; Caruth & Caruth, 2013). Of interest in this study are concerns, such as 
being overworked and underpaid and having little professional development opportunities, which 
impact adjunct faculty’s ability to acquire necessary IT knowledge. It is important to be aware 
that the term adjunct faculty can also mean having a semester only schedule, or fixed-termed 
assignment or even a multi-year assignment (Ginsberg, 2016).  
Physical Space and Resources 
Many tenure-track professors at IHEs have designated office space and a shared 
administrative assistant (Buch et al., 2017). This office space is useful for meeting with students 
one-on-one or in small groups for assignment review, advising, or any informal mentoring. 
Office space provides opportunities for critical engagement between faculty and students, which 
is known to impact student success in retention and graduation (Buch et al., 2017). Office space 




The experiences of adjunct faculty are often vastly different from tenure-tracked faculty. 
The lack of designated office space or telephone lines (Forbes et al., 2010) limits the potential for 
interaction with students, contributing to worse student outcomes (Burns et al., 2015; Curtis et 
al., 2016). Curtis et al. (2016) found such limited interaction between faculty and students had a 
particularly negative impact on students of color and first-generation students. Inconsistent 
adjunct faculty schedules and a lack of administrative support further reduce motivation and 
persistence (Meixner et al., 2010). Worse yet, most adjunct faculty members are not on campus 
during the day, when staff are available to assist with technology, human resources, or classroom 
issues. This is further underscored by Meixner et al. (2010) who found limited institutional 
support for part-time faculty in areas such as e-mail and office space, despite adjunct faculty 
identifying the need for both general and specific technology assistance. 
Promotion Practices 
Tenure-track faculty often have clear promotional paths, moving from assistant to 
associate professor, sometimes followed by tenured full professor (Lawhon et al., 2004). 
However, this path is changing as budgetary constraints continues (Zhang et al., 2015). The full-
time faculty member must demonstrate scholarship and research in addition to teaching and 
service, building a case for achieving tenure and promotion. However, a clear career progression 
is seldom the case for adjunct faculty. Researchers Gehrke and Kezar (2015) indicated this 
progression is murky for all new faculty with 70% of all new faculty hires (full-time and part-
time) being hired into non-tenured positions (p. 926). This is supported by the work of Gonzales 
and Terosky (2016) who found many graduate students of color and woman are choosing to not 




many biases already faced by them. The primary complaint identified by 171 adjunct faculty 
teaching at public universities was the inability to achieve a full-time position. Fox and Powers 
(2017) found that adjunct faculty often avoid discussing promotional opportunities, which are 
likely unsupported or nonexistent. However, the authors discussed the success of one IHE in 
creating a senior associate faculty position, which, although not paying as much as full-time 
faculty compensation, allow adjuncts priority selection of courses. 
Professional Development 
Professional development opportunities are a core component of faculty support offered 
by IHEs (Buchanan et al., 2013; Herman, 2012). Full-time faculty members have multiple 
choices for professional development and training in a variety of areas; however, adjunct faculty 
often do not receive such opportunities (Datray et al., 2014). The provision of professional 
development in IHEs is critical to ensure current teaching practices (Caruth & Caruth, 2013); 
otherwise, instructors will continue to use traditional pedagogical methods and rely less on new 
teaching methods. Following a qualitative study of adjunct faculty, Meixner et al. (2010) 
identified a pressing need to provide professional development opportunities for both adjunct and 
full-time faculty. These concepts receive a thorough discussion in the Faculty Preparation section 
of this chapter. 
Course Assignments 
Full-time faculty members can more often select the courses they wish to teach; in turn, 
adjunct faculty members often receive assignments to lead introductory courses that are 
generally overcrowded and have students with the greatest needs (Caruth & Caruth, 2013; 




management is greater for the already time-restricted adjunct faculty. Additionally, the ability to 
engage with students is limited, having adverse repercussions on students new to the college who 
need more faculty time (Curtis et al., 2016). Adjunct faculty often have little advanced notice of 
the classes they will teach and when, which limits the opportunity for class preparation (Nagel, 
2014). Burns et al. (2015) noted each course should reflect the mission of the institution; 
however, because of having high numbers of students and little time, adjunct faculty cannot 
always uphold that mission within the context of the course.  
Comparable Pay and Benefits 
Like course assignment opportunities, the disparity in compensation and benefits between 
tenure-track faculty and adjunct faculty can be significant, often influenced by factors such as 
institution type and discipline. According to the U.S. Department of Education (2017), the 
average 2017-2018 full-time instructional faculty compensation package was worth $83,200 for 
a nine-month contract. In comparison, adjunct faculty per-course compensation is an average 
$3,000 on campus and $2,700 online (Mechenbier, 2015). Yakoboski (2016) found 25% of 
adjunct faculty who reported dissatisfaction with their jobs cited compensation as the top reason. 
Faculty compensation rates vary by institution but generally fall within set ranges. Compounding 
this issue are the wage inequalities experienced by faculty of color and women (McChesney, 
2018). In particular, the gap is felt most significantly for women faculty of color who experience 
the largest disparities (McChesney, 2018). The compensation for adjunct faculty is usually 
$3,000 for a semester-long, 3-credit-hour course (Curtis et al., 2016), with a maximum course 




would pay around $12,000 per semester, which is near poverty wages. In comparison, tuition 
costs rise at twice the rate of inflation (Nica, 2018).  
Despite the disproportionate rates of instructor pay, student tuition remains the same 
(Kezar & Maxey, 2016; Mechenbier, 2015; Nica, 2018). As the COVID-19 pandemic has forced 
faculty online, it will be insightful to see how IHEs will evaluate pay structures to adjust for a 
strictly remote workforce (Gurukkal, 2020; Pettit, 2020). With the COVID-19 pandemic forcing 
faculty online, the pay and benefits differential has become even more apparent, as staff put in 
additional time and resources to reconfigure complete lesson plans. Fundamentally, the existing 
organizational structure poses obstacles for adjunct faculty to successfully engage with and teach 
students to the best of their ability.  
In conclusion, there are clear dichotomies between the traditional IHE organizational 
structure, and the professional experiences encountered by many adjunct faculty. Currently, the 
existing structure is designed around the traditional tenured-track faculty, while little adaption to 
meet the unique needs of a growing contingent labor force. Areas such as physical space and 
resources, promotion practices, professional development, course assignments, and comparable 
pay and benefits are not adequately addressed to enhance the learning environment (Gehrke & 
Kezar, 2015).  
Use of Instructional Technology in Higher Education 
The use of IT within the classroom has increased over the last few decades (Ajjan & 
Hartshorne, 2008; Buchanan et al., 2013). This technology includes the proliferation of online 
courses offered by many higher education institutions (Chen & Price, 2006; Wingo et al., 2017). 




mandatory requirement based on expectations by administrators and students that faculty 
members utilize LMS in their day-to-day classroom interactions. Students’ anticipation of using 
technology in the classroom reflects the technological tools used in the workplace, as employers 
seek to hire graduates with technological proficiency (Gerstein & Friedman, 2016). Ultimately, 
most industries expect college graduates to have had the necessary exposure and hand-on 
experience with technology which can be transferable to the workplace (Gerstein & Friedman, 
2016). 
The Campus Computing Project conducts annual surveys examining key IT planning and 
policy issues facing IHEs in the United States (Green, 2019). Since 1996, this project has 
presented a longitudinal outlook on the top identified IT trends identified by IHE administrators 
(Green, 2019). The annual surveys provide a snapshot of the transformation of IT within higher 
education. In 1996, the Campus Computing Project showed two-thirds of all students had access 
to e-mail, and 74% of universities had access to the World Wide Web, whereas 75% of campuses 
were supporting Windows 95 (Green, 1996). Comparatively, in a 2018 survey, results showed a 
priority in moving from the use of desktops and laptops to tablets and smartphones (Green, 
2018). Instructional Technology advancements have moved from simple word processing tasks 
to fast-paced data collection and artificial intelligence (Johnson et al., 2016).  
Although the technology accessed and used within the higher education classroom has 
expanded, concerns such as the extent to which faculty use available technology remain 
(Bousbahi & Alrazgan, 2015). Additionally, as faculty professional development has become 
more formalized, the continued lack of utilization of these learning opportunities remains an 




with the shift from onsite to remote learning at IHEs in late March 2020 (Garrett et al., 2020). 
The sudden shift to online learning required instructors to quickly adopt the use of IT for 
students to complete the spring semester (Gurukkal, 2020). It is unclear to what extent and when 
IHEs will return to the regular modalities of onsite instruction and to what extent IT use will 
resume the classroom. 
Technologies 
 As discussed, the landscape of educational technology is expansive and quickly evolving 
as consumers have a variety of needs and expectations from their interaction with technology. In 
creating digital classrooms, IHEs commonly use learning management systems (LMS) such as 
Moodle, Blackboard, WebCT, and Desire2Learn (Fathema et al., 2015). These LMS can be used 
to manage course content by downloading syllabi and assignments, creating discussion boards, 
and grade posting. Some critics assert that many IHEs rely too heavily on LMS (Marzilli et al., 
2014), even viewing IT use as tertiary (John, 2015). As many IHE’s have moved to virtual 
during Covid-19, faculty members not as familiar with IT are utilizing LMS as the primary 
source of engagement with students. Fathema et al. (2015) concurred that faculty do not use 
LMS to its fullest capacity; however, this inadequate use does not diminish LMS’s role as IT, 
instead indicating a gap in adjunct faculty knowledge or use. The growing consumption of online 
learning has introduced faculty to an alternative teaching modality in which faculty facilitate 
learning in a blended, hybrid format, partly on ground and partly online (Horvitz et al., 2015). 
This can be seen most pronounced during the Covid pandemic as most IHEs have some form of 




Annually, the New Media Consortium (NMC) and Educause Learning Initiative (ELI) 
convene a group of technology experts to discuss upcoming technology trends in education 
(Becker et al., 2017). The generated reports have consistently taken the pulse to what is being 
utilized in all sectors of education. Based on recent findings, there is a consistent messaging that 
technology will continue to move toward student-centered technologies (Becker et al., 2017). 
Current and new trends in technology include data mining, mobile learning, and redesigning 
learning spaces (Becker et al., 2017). These next-generation digital learning environments will 
provide an array of possibilities for student-centered learning through customized virtual 
learning. Soon, artificial intelligence will be a tool to personalize learning for students, gather 
significant amounts of data to support student retention, and provide financial aid support. 
Natural user interfaces will allow students to use physical interaction through motions, such as 
touch or facial expression, to interact with computer-simulated virtual environments, which will 
promote hands-on experiences. Such interfaces are a useful form of assistive technology for 
visually impaired students. The 2018 report indicated an acceleration of IT adoption within 
IHE’s and the redesigning of learning spaces (Becker et al., 2018). The key point is to 
understand the pace in which technology is always changing which requires faculty to have the 
capacity to learn and adjust accordingly.  
Distance Education 
Distance learning—teaching online rather than face-to-face—has enabled postsecondary 
institutions to provide broader societal access to education (Cottom, 2017; Tipple, 2009). Hybrid 
and distance learning have become the predominant IT used worldwide (Moralista & Oducado, 




reduced state education appropriations (Herman, 2012). During the Covid-19 pandemic, IHEs 
have experienced drastic immediate changes with many having to go completely to virtual 
classroom settings (Rapanta et al., 2020). The National Center for Education Statistics (Snyder et 
al., 2019) found 12.5% of all undergraduate and graduate students at Title IV institutions 
enrolled exclusively in distance education courses, with this percentage representing more 2.6 
million students; in turn, 13.3%, or more than 2.8 million students, are enrolled in some but not 
all distance education courses. Clearly indicating that distance education offers an appealing 
option for many students also aligning with broadening accessibility to higher education.  
The literature surrounding distance education and faculty show several common themes: 
suspension of credibility (Kebritchi et al., 2017), misconceptions of time commitment (Kebritchi 
et al., 2017), and skill set needed and overall quality (Kebritchi et al., 2017). Allen and Seaman 
(2013) conducted a longitudinal study of 4,527 institutions offering online courses, finding that 
more than 55.2% of faculty in public institutions and 24.2% of faculty in private, for-profit 
institutions believed teaching online required more time and effort. In addition, the researchers 
noted a declining rate of chief academic officers reporting their school “accepts the value and 
legitimacy of online education” (Allen & Seaman, 2013, p. 27). This perceived lack of 
administrative acceptance of online courses hinders faculty acceptance and the expansion of 
distance education. This lack of acceptance viewed by top administrators makes it difficult to 
foster broad acceptance from any campus community with regard to distant learning. Similarly, 
Lloyd et al. (2012) examined faculty perceptions of online teaching and common challenges. Of 
the 75 faculty surveyed, 24.2% identified problems such as increased workload, time 




inadequate compensation. Herman (2012) also found the time commitment necessary for online 
teaching was substantially greater than face-to-face teaching. It is obvious that distant learning 
takes more time and therefore workloads seem heavier than the traditional classroom. This, in 
itself, becomes a conflict when you are working with contingent adjunct faculty.  
One potential remedy is supporting adjunct faculty with professional development 
opportunities, which can improve their ability to navigate under time constraints. Adjunct faculty 
are in a unique situation compared to full-time faculty. The conditional nature of employment for 
this instructor population leaves limited time and funding for faculty development. Caruth and 
Caruth (2013) found most of the professional development opportunities are designed for full-
1time faculty. Interestingly, community colleges and two-year institutions were more likely to 
meet the need for adjunct faculty development, whereas four-year institutions continued to 
struggle (Jackowski & Akroyd, 2010). This inclination suggests that traditional four-year 
institutions have not prioritized the needed IT support for adjunct faculty.  
Faculty Preparation to Use Technology 
Previously, I highlighted the nature of the “tools” of technology which have been 
incorporated into IHE classrooms. Now it is important to understand how faculty members have 
the opportunity to learn how to use these technologies in the classroom. This section separates 
the preparation into traditional faculty and adjunct faculty simply because the opportunities differ 
as I will illustrate. In the 1950s, faculty development opportunities were in the form of 
sabbaticals, new faculty orientation, and seminars (Bergquist & Phillips, 1975). Pioneered by 
Bergquist and Phillips (1975), formalized faculty development in higher education took root 




regarding how faculty obtained professional development. Bergquist and Phillips deemed the 
common approaches to faculty development to be ineffective, which consisted of changing the 
curriculum, hiring new doctoral-level instructors, purchasing additional instructional resources, 
constructing new governance, or conducting a comprehensive self-study (Murray, 2002). This 
finding is consistent with DTPB’s notion that resources are one consideration when individuals 
determine if they are willing to use any technology. 
Ultimately, Bergquist and Phillips (1975) argued that a significant change in faculty 
development should include an all-inclusive plan centered around teaching and learning based on 
diverse strategies. The scholars asserted that change needed to occur on three levels: attitude, 
process, and structure (Bergquist & Phillips, 1975). Contemporary faculty development presents 
in a variety of forms, including brown-bag sessions, new faculty orientation, mentorships, online 
training, and workshops (Elliott et al., 2015; Rutz et al., 2012). However, many researchers still 
challenge the effectiveness of these offerings (Rutz et al., 2012). 
The Campus Computing Project annual survey shows the ongoing need for IT support 
and training for faculty (Green, 1996, 2018, 2019). Survey results from 1994 to 2019 indicated 
the critical technology needs and issues facing many institutions. In its seventh annual survey, 
the Campus Consulting Project queried 660 administrators of two- and four-year public and 
private colleges and universities, with just over half of respondents identifying their most critical 
issue to be providing support to faculty and users (Green, 1996). The 30th Campus Computing 
Project survey revealed that higher education administrators and faculty deemed IT for faculty to 




Teaching expectations have not changed to address any potential limitations imposed on 
adjunct faculty by growing IT usage. Meixner et al. (2010) found limited institutional support for 
part-time faculty in areas such as e-mail and office space, despite adjunct faculty having 
identified the need for both general and specific technological assistance. The challenges faced 
by adjunct instructors make the use of IT difficult without the necessary additional support. 
Moreover, despite the growing number of adjunct faculty members with limited campus IT 
access, there is a clear gap in research regarding the relationship between IT usage and 
expectations (Paver et al., 2013). The use of technology within K-12 and postsecondary 
education has grown exponentially and does not show any signs of slowing. Instructional 
technology advancements have moved from simple word processing tasks to fast-paced data 
collection and artificial intelligence (Johnson et al., 2016). Additionally, during the first half of 
2020, all IHEs moved their programs exclusively online in the wake of COVID-19. This study is 
happening in real time as IHEs navigate how to continue to offer learning via distance while 
considering alternative options for the 2020–2021 academic year. 
Most colleges and universities currently provide faculty development programs (Elliott et 
al., 2015), albeit with varying degrees of technological training. As a result, there is often limited 
use of technology in the classroom, coupled with high expectations of technology for teaching 
and a disconnect with faculty development and IT. Literature indicates two common approaches 
to faculty development in the area of technology. One model centers on how to physically use 
the technology in the classroom, with training perhaps presented in a course on the operational 




operational function and allows faculty to understand how IT can contribute to their pedagogical 
views (Friel et al., 2009). 
Faculty resistance to IT continues, and although many factors influence the full 
embracement of technology, faculty development merits consideration (Torres et al., 2019). 
McQuiggan (2012) conducted an action research study in which six full-time and one adjunct 
faculty participated in a six-week summer professional development course on teaching online. 
The purpose of the study was to examine effective professional development programs through 
which faculty can align their beliefs (attitudes) about teaching while learning how to teach 
online. This study provided opportunities for faculty to conduct self-reflective journaling to 
understand their beliefs about teaching and learning. Through journaling and hands-on training, 
faculty were able to reflect on their beliefs (attitudes) and move toward greater use of 
technology. 
Adjunct Faculty Preparation for the Use of IT 
Profound societal and technological advancements have defined the 21st century, 
particularly regarding the high-speed accessibility of information and the expansion of learning 
management systems (Fathema et al., 2015; John, 2015). The speed at which these transitions 
occur can be overwhelming for both students and educators (Eddy et al., 2017). U.S. society 
requires that students become competent in technology (Chung et al., 2016) and that educators 
provide opportunities for students to engage with technological advancements within the 
classroom (John, 2015; Sutton & DeSantis, 2017). The preparation of adjunct faculty is quite 
different than other faculty members. As discussed, most adjunct faculty do not receive 




institution in which they teach (Kezar & Maxey, 2016). Factors such as the timing of course 
offerings, incentives to participate, awareness of course offerings, and usefulness of professional 
development are just a few challenges of extending professional development to adjunct faculty 
(Buch et al., 2017). As a result, adjunct faculty might need to find professional development 
opportunities on their own and at their cost (Buch et al., 2017).  
Most adjunct faculty will have access to online training for LMS for course management 
or online instruction. However, professional development courses beyond the fundamentals of 
downloading syllabi and creating blogs can be limited. The external factors influencing adjunct 
faculty’s intentions are, in many ways, influenced by the needs of the institution. The COVID-19 
pandemic has become the primary external factor influencing all faculty members (Gurukkal, 
2020). Many IHEs unexpectedly had to pivot to all-online learning environments in March 2020 
(Garrett et al., 2020). This switch has not gone without its challenges, as reflected in a study 
conducted by the Changing Landscaping of Online Education. In a survey, 308 chief online 
officers reported having merely one or two weeks to convert to remote instruction, with the 
biggest challenge being the faculty’s lack of preparedness (Garrett et al., 2020).  
Prior to the pandemic, the growing trend toward online education aligned with the job 
market requirements of hiring employees well-versed in technology. Tipple (2009) identified a 
strong relationship between the growth in online education and the increase in the use of adjunct 
faculty. The literature reflects the external constraints adjunct faculty face in finding time for 
professional development and support. Many adjunct faculty members do not receive the needed 
professional development opportunities (Kezar & Maxey, 2016). This oversight leaves part-time 




Throughout the literature, the need to support adjunct faculty’s professional development, 
especially for IT, is prominent. The increase in distance learning makes it imperative that adjunct 
faculty know how to deliver course materials in an impactful way to students using the 
technology offered. The dichotomy between the expectations of IHEs and the realities of adjunct 
faculty is pronounced.  
In an exploration of user intention, McQuiggan (2007) presented a thorough study on 
providing professional development opportunities to faculty teaching online. Participants in 
McQuiggan’s action research study were six full-time faculty members and one adjunct faculty 
who had a desire to move toward online teaching. Professional development activities promoted 
reflection on previously held assumptions showing the most impactful efforts for faculty moving 
toward change. Researchers have addressed the rising use of adjunct faculty at IHEs, as well as 
the lack of overall support for part-time faculty (Buch et al., 2017; Curtis et al., 2016).  
As illustrated above, there has been some growth in IHE’s desire to provide professional 
development opportunities for the traditional faculty member. Clearly, the investment that any 
organization makes with regard to technology warrants some investment of training in order to 
maximize the return expected from this expenditure. However, that investment appears to be 
marginal as it pertains to adjunct faculty.  
 
Attitudes of Faculty Toward IT 
The following sections explore each variable and construct described in the theoretical 
framework at the core of this study. The purpose, again, is to highlight research on these areas 




something, whether positive, negative, or neutral (Ajzen, 2005; John, 2015). As related to this 
study, individuals who have had a difficult experience with IT might hold negative attitudes 
toward its use in the classroom; alternately, rewarding experiences could result in positive 
attitudes (Ajzen, 2005; Chen & Price, 2006; John, 2015). The literature on faculty user intention 
is broad.  
Clark-Gordon et al. (2019), Findik-Coşkunçay et al. (2018), and Jo et al. (2018) 
conducted rigorous assessments of user theory, finding that attitude had a significant impact on 
an individual’s decision to use or not use technology. Attitude is a primary construct of many 
major technology acceptance theories (Al-Debei et al., 2013; Davis, 1989; Momani & Jamous, 
2017), including TBP, theory of reasoned action, technology acceptance model (TAM), and 
DTPB (Momani & Jamous, 2017). John (2015) demonstrated the influence of attitude in a study 
surveying 261 faculty about the factors influencing technology use. John’s examination of 
leading universities in India, Thailand, Vietnam, and Indonesia showed attitude significantly 
impacted by positive influences. When faculty felt positive about IT compatibility or self-
efficacy, they held positive attitudes about using technology. 
The attitude of users regarding user intention is a foundational understanding of 
technology use (Al-Debei et al., 2013; Davis, 1989). Perceived usefulness, perceived ease of use, 
and compatibility are core constructs of attitude under the DTPB (Taylor & Todd, 1995). The 






Perceived usefulness is individuals’ belief that the use of technology would be positive 
for their work (Justus, 2017; Wingo et al., 2017). Motaghian et al. (2013) conducted a 
quantitative study with 115 faculty from two large universities in Iran. The goal was to test 
users’ intention of using e-learning web-based tools. Using the TAM as the theoretical 
framework, the researchers found the most significant predictor of user intention to be perceived 
usefulness. Similar findings emerged from Li et al.’s (2019) examination of teachers’ attitudes 
about technology. Salas and Moller (2015) conducted a case study exploring how faculty 
perceived the usefulness of VoiceThread, a cloud-based application for content development and 
sharing. Following interviews with five full-time faculty and five part-time faculty, Salas and 
Moller identified a positive relationship between faculty’s perceptions of the usefulness of the 
technology and the intention to use it in the classroom. The faculty in this study also responded 
positively to the ease of use of the technology, which made usage more appealing. Finally, 
Moralista and Oducado (2020) conducted a small survey with 25 faculty at a state college in the 
Philippines to examine faculty perception of online education during the Coronavirus pandemic. 
The findings showed that prior perceptions, either positive or negative, significantly influenced 
faculty beliefs of the perceived usefulness of teaching online (Moralista & Oducado, 2020). So, 
the first variable is attitude in DTPB which accordingly is shaped by three distinct constructs: 
perceived ease of use, perceived usefulness, and compatibility (Todd & Taylor, 1995). It is these 




Perceived Ease of Use 
Perceived ease of use reflects the degree to which an individual believes using 
technology will take little to no effort (Teo, 2009). Bousbahi and Alrazgan (2015) explored 
faculty resistance to LMS within an IT department in Saudi Arabia. Twenty of the 50 faculty 
members responded to a questionnaire regarding the department’s recent introduction of the 
Blackboard LMS. The findings showed a significant link between perceived ease of use, 
motivation, and attitude toward using Blackboard. Salas and Moller (2015) showed that 
perceived ease of use had a positive relationship with faculty attitudes about technology.  
Similarly, Wichadee (2015) surveyed 62 faculty at a private university in Thailand one 
year after introduction to the LMS. The hypotheses were that perceived ease of LMS use was 
related to perceived usefulness, attitude toward LMS, and actual use, with the findings 
supporting the first two variables but not the third. Kazoka and Mwantimwa (2019) surveyed a 
random sample of 303 postgraduate students and 47 faculty at five universities in Tanzania to 
investigate the significance of perceived usefulness and ease of use of Web 2.0 tools in teaching 
and learning. The mixed-methods study’s findings showed both perceived usefulness and 
perceived ease of use significantly aligned to actual usage.  
Compatibility 
Compatibility is the extent to which the use of technology aligns with the values, tasks, 
and needs of the user (Sadaf et al., 2012). Some researchers have argued that user intentions are 
insufficient to adequately address the role of pedagogy, which compatibility attempts to address 
(Atsoglou & Jimoyiannis, 2012). However, Whittier and Lara (2003) concluded it was 




and Lara focused on the positive pedagogical impact of the technology rather than the actual 
technology. Other approaches to IT use focused on how to use a given technology rather than 
why to use IT in the classroom and the alignment with the pedagogy of faculty (Johnson et al., 
2016). Marzilli et al. (2014) asserted faculty reluctance to embrace IT fully stemmed from a fear 
that new technology would eliminate the need for instructors. Additionally, ongoing 
technological changes require faculty to continually evolve in their technological aptitude 
(Davis, 2011), reexamining their purpose and the fundamentals of teaching and learning. These 
considerations suggest faculty fears are significant and deserving of additional examination.  
Another study presented mixed results regarding attitude. Renda dos Santos and Okazaki 
(2016) surveyed 446 full-time and part-time professors on their e-learning adoption. Although 
the perceived usefulness indicated a statistically significant positive relationship with attitude, 
ease of use and compatibility showed little significance in their relationship. Renda dos Santos 
and Okazaki suggested faculty may have perceived the e-learning to be obligatory, regardless of 
their views on ease of use or compatibility. The literature has been consistent in showing that 
perceived usefulness and perceived ease of use are two strong determinants of attitude, which 
aligns with behavioral intention (Ajjan & Hartshorne, 2008; Clark-Gordon et al., 2019; Davis, 
1989; Findik-Coşkunçay et al., 2018; Huh et al., 2009; Jo et al., 2018; Motaghian et al., 2013; 
Porter & Donthu, 2006; Yousafzai et al., 2010). The power of attitude is a central component of 
the ways in which users operate; accordingly, most user intention theories include attitude as a 
key construct. The survey questions in this study center around attitudes about intentions 





Subjective norm is the degree to which individuals perceive social pressure to act or not 
act (Ajzen, 1991). Initially identified by Ajzen (1991), these pressures became a component of 
DTPB, which indicates that outside influence (pressure) from supervisors, peers, and students 
can impact user’s intentions (Taylor & Todd, 1995). Joo (2017) found variables in DTPB 
provided a fuller understanding of participants’ decisions to use new financial software, with 
subjective norms significantly influencing the behavioral intention of users. Mars and Ginter 
(2007) came to a similar conclusion after examining technology use at three community colleges. 
One common theme was that subjective norm (external pressure) came from both the 
administration and peers. Literature on the significance of subjective norm is inconclusive, with 
some researchers (e.g., Ahmed & Ward, 2016; Ajjan & Hartshorne, 2008; Cheung & Vogel, 
2013; Huh et al., 2009) finding no significant influence, and other scholars (e.g., Renda dos 
Santos & Okazaki, 2016; Sadaf et al., 2102) asserting that subjective norm has considerable 
influence.  
Student, Superior, and Colleague Influence 
The literature has been inconclusive regarding peer influence on faculty behaviors. Wang 
et al. (2019) found no impact on rural educators in China from peer or superior pressure to utilize 
a digital educational resource. Teo et al. (2016) conducted a voluntary questionnaire with 592 
primary and secondary teachers in Singapore to determine the intent to use technology in the 
classroom. Participants completed a 29-item, 7-point, Likert-style survey regarding intention, 
perceived usefulness, perceived ease of use, subjective norm, and perceived behavioral control. 




perceived usefulness. In contrast, a survey of 130 community college faculty indicated a 
statistically significant positive relationship between subjective norm (student, superior, and 
colleague) and the intention to use IT (Paver et al., 2013). 
Perceived Behavioral Control 
Perceived behavioral control is the extent to which individuals believe they have control 
over the access and resources needed to perform with technology (Taylor & Todd, 1995). 
Obtaining perceived behavioral control requires understanding how to use IT in the classroom, 
having the necessary software and hardware resources, and being able to obtain all needed 
professional support for training and development (Garay et al., 2019). The variables comprising 
perceived behavioral control are self-efficacy, resource facilitation conditions, and technology 
facilitation conditions.  
Self-Efficacy 
Specific to this study, self-efficacy is feeling confident about the ability to use technology 
in the classroom (Huffman et al., 2013). The literature has shown a consistently significant 
positive relationship between self-efficacy and perceived behavioral control as well as intention 
to use technology (Garay et al., 2019; Huffman et al., 2013; John, 2015; Wang et al., 2019). 
Buchanan et al. (2013) surveyed 114 faculty within a U.K. university to identify barriers to 
accepting technology usage, finding a positive relationship with faculty’s perceived self-efficacy 
and intention to use technology.  
Resource and Technology facilitation 
Resource facilitation conditions are the time and money needed to achieve technology 




2016; Taylor & Todd, 1995). Researchers, including Renda dos Santos and Okazaki (2016) and 
Sadaf et al. (2012), have supported how powerful perceived behavioral control can be toward 
user intention. Garrote (2012) conducted a case study following 17 lecturers who used LMS in 
their day-to-day activities. These lecturers took part in two interviews, one in 2006 and another 
in 2011. The findings showed the lecturers primarily used the LMS for course administration, 
although it could have facilitated more engaging activities with students. Even after the five 
years, lecturers were still hesitant to use the full range of possible functions of the LMS based on 
the lack of time to learn those functions.  
Thompson et al. (2006) used DTPB to examine intention to use IT and to understand how 
intentions form. The scholars also explored the role of personal innovativeness and computer 
self-efficacy. Thompson et al. administered a series of two questionnaires two months apart to 78 
university juniors and seniors utilizing Microsoft Access as a part of a class assignment. Among 
the findings were: (a) perceived behavioral control had a positive influence on intention on the 
second questionnaire but not the first; (b) the ease-of-use value remained the same from the first 
and second survey; however, there was a significant positive relationship between social norms 
and ease of use; and (c) self-efficacy, personal innovativeness, and perceived behavioral control 
had a positive influence on ease of use in the first questionnaire but not the second (Thompson et 
al., 2006). Technology facilitation can mean having enough infrastructure in place for faculty to 
use technology or the up-to-date software (Sadaf et al., 2012). The literature surrounding 
facilitation indicated a significant positive relation. Sadaf et al. (2012) conducted a mixed 




the classroom. Their findings indicated technology facilitation was significantly positive in its 
relationship to user-intention whereas, resources were not (Sadaf et al., 2012). 
In a quantitative study, Taylor and Todd (1995) compared three theoretical models—
TAM, TPB, and DTPB—as a means of understanding how individuals use IT. The researchers 
surveyed 786 potential users of a computer resource center and found all three models useful in 
explaining behavioral intention. However, because DTPB has seven more variables than TAM 
regarding subjective norms and perceived behavioral norms, DTPB provides a better 
understanding of intention (Ajjan & Hartshorne, 2008).  
Examining survey results from 1990 to 2019 through the Campus Computing Project 
provides a clear snapshot of the critical technology needs and issues facing institutions over the 
years (Green, 1996, 2018, 2019). For example, 660 administrators at two- and four-year public 
and private colleges and universities, including community colleges, participated in surveys 
(Green, 1996). Just over half of respondents identified providing support to faculty and users as 
the most critical issue. In comparison, the 30th Campus Computing Project summary illustrated 
that the priority consistently communicated by higher education administrators and faculty was 
the need for IT support for faculty (Green, 2019). 
The literature related to user intentions for adjunct faculty indicates a strong need to 
examine variables influencing these intentions (Lee et al., 2011; Park, 2009). A commonality 
across the research utilizing TAM was the need to go beyond perceived usefulness and perceived 
ease of use when examining variables and their influence (Akman & Turhan, 2017; Lemay et al., 
2018; Li et al., 2019). One criticism of TAM is the inability to link the intention to use 




behavioral  provides a more comprehensive explanation of user intention when modified with 
additional determinants from TAM (Fang, 2004; Sadaf et al., 2012).  
 
Summary 
In summary, I use this chapter to provide a necessary historical framework on 
technologies and distance education within IHE’s. Revealing the natural fast-paced evolution of 
these tools and the demand for considerable professional development to learn these tools. From 
that point we learn about how faculty members usually learn to use IT from past eras of brown-
bag trainings to more hands-on training. Included in that discussion in the lack of professional 
development opportunities. Finally, I explored the theoretical framework at the center of this 
study; decomposed theory for planned behavioral. Breaking down all three variables, I analyzed 
the literature exploring the constructs and what has been found in relation to user-intention. 
Ultimately, the literature appears consistent in framing that some form of support, such as time, 
monetary, professional development, encouragement, or motivation, has a influence on user-





Chapter 3: Research Methods 
In this chapter, I discuss the research methodology and design used in my study. The 
chapter also includes details on the target population and sampling plans. Additionally, I discuss 
the instrumentation, data collection, and data analysis procedures. The chapter ends with my 
positionality statement, the ethical considerations and summary. The design of the study took 
into consideration the need to understand adjunct faculty decisions based on if they taught pre-
COVID-19 and/or during the COVID-19. To adjust for this consideration, I included adjunct 
faculty who have taught within the last two years but may not be currently teaching any courses.  
The purpose of this quantitative, predictive study was to understand what variables 
influence an adjunct faculty member’s decision to use IT in the classroom. Practitioners must 
maximize the impact of technology in the IHE classroom based on two factors: more online 
course offerings and increased use of adjunct faculty members. Inevitably, a key part of 
maximizing IT means ensuring there is a clear understanding of why adjunct faculty are deciding 
whether or not to use technology in the classroom.  
The following research questions and hypotheses guided this study: R1: To what extent 
does attitude predict adjunct faculty intention to use technology? Ho1: Attitude does not 
significantly predict adjunct faculty intention .to use technology.H1: Attitude significantly 
predicts adjunct faculty intention to use technology. R2: To what extent does subjective norm 
(peer pressure) influence adjunct faculty intention to use technology? Ho2: Subjective norm (peer 
pressure) does not significantly influence adjunct faculty intention to use technology H2: 
Subjective norm (peer pressure) significantly influences adjunct faculty intention to use 




intention to use technology? Ho3: Perceived behavioral control does not significantly influence 
adjunct faculty intention to use technology. H3: Perceived behavioral control significantly 
influences adjunct faculty intention to use technology. 
Research Design 
I used a quantitative, nonexperimental, predictive research design in this study (Creswell 
& Creswell, 2017). Such a design enabled me to understand what variables influence whether an 
adjunct faculty member decides to utilize IT in the classroom. Quantitative methodology entails 
the use of statistical analyses to test a theory (McCusker & Gunaydin, 2015). The focus of this 
study was to examine whether attitude, subjective norm or peer pressure, and perceived 
behavioral control influence the adjunct faculty’s intention to use technology. I used a 
quantitative rather than a qualitative approach because the purpose was to determine potential 
predictive relationships between variables rather than to understand a phenomenon. A 
nonexperimental design is appropriate when there will be no intervention or manipulation of 
participants, and random assignment to control and intervention groups is not necessary 
(McCusker & Gunaydin, 2015). To meet the aims of the study, participants responded to a 
survey based on their current experiences, perceptions, and practices. Therefore, a 
nonexperimental study was most appropriate to examine the relationship of attitude, subjective 
norm, and perceived behavioral control with the adjunct faculty’s intention to use technology.  
A predictive design, as opposed to other quantitative designs, is appropriate to investigate 
whether attitudes, subjective norms, and perceived behavioral control are significant predictors 
of the adjunct faculty’s intention to use technology because I predicted an outcome from one 




attitude, subjective norm, and perceived behavioral control, whereas the outcome variable was 
the adjunct faculty’s intention to use technology. The survey instrument enabled the 
measurement of the predictor and the outcome variables. A regression analysis provided an 
assessment of the predictive relationships, with a linear regression analysis performed to 
determine predictive relationships between the identified variables of adjunct faculty members 
(Field, 2017). 
Survey Data Source and Instrumentation 
A prevalidated survey developed by Paver (2012) facilitated gathering data on attitudes, 
subjective norms, perceived behavioral control, and intention to use technology. Paver, the Dean 
of Liberal Arts and Learning at Gateway Support Community College, granted permission to use 
this survey (see Appendix B). There were slight wording modifications to Paver’s survey as well 
as the elimination of a few questions that appeared to be repetitive and beyond the scope of the 
present study. My research interest was similar to Paver’s (2012) specifically to using the DTPB 
to examine user intentions of adjunct faculty. Prior to the survey’s publication, Paver refined the 
survey based on pilot study feedback through item analysis and assessment of reliability. My 
selection of this survey tool was due to the similarity in school demographics. The research 
questions aligned with the questionnaires of Taylor and Todd (1995), specifically serving adjunct 
faculty and examining the broader use of technology rather than a specific technology.  
Instrumentation 
Participants completed a survey using a 5-point Likert-type scale to measure their level of 
agreement with statements regarding attitudes, subjective norms, perceived behavioral control, 




constructs: perceived usefulness, perceived ease of use, compatibility, peer influence, supervisor 
influence, subordinate (student) influence, resource facilitating conditions, technology 
facilitating conditions, and self-efficacy. Items specific to compatibility, ease of use, and 
perceived usefulness were used to measure attitude. Items pertaining to peer influence, 
subordinate influence, and superior’s influence were used to measure subjective norm. Finally, 
items under resource facilitating conditions, technology facilitating conditions, and self-efficacy 
were used to measure perceived behavioral control. The scale ranged from strongly disagree (1) 
to strongly agree (5). The sum of participants’ responses presented the scores calculated for the 
variables, with each considered as a continuous scale for the regression analysis. Tests of the 
reliability of the items showed reliability scores above .70.  
I measured attitude using five survey items: (a) Integrating technology into instruction is 
harmful, (b) Integrating technology into instruction is good, (c) Integrating technology into 
instruction is pleasant for me, (d) Integrating technology into instruction is useful, and (e) I do 
not feel that integrating technology into instruction will help my students learn more about the 
subject. I used two survey items to measure subjective norm: (a) People who influence my 
behavior would think I should integrate technology into instruction and (b) People who are 
important to me think I should integrate technology into instruction. Further, three survey items I 
used to measure perceived behavioral control were: (a) I am confident that I could integrate 
technology into instruction if I wanted to; (b) I would be able to integrate technology into 
instruction even if there is no one around to help me overcome problems in using it; and (c) If I 
wanted to, I could easily integrate technology into instruction on my own. Additionally, the two 




technology into instruction this semester and (b) I intend to integrate technology into instruction 
frequently this semester. Participant responses numerically represented the constructs of 
attitudes, subjective norms, perceived behavioral control, and intention to use technology. 
Finally, I measure the reliability of the survey items using Cronbach’s alpha, with a value of .70 
indicating whether the items measured the construct consistently. 
Target Population and Sampling Procedures 
The target population for this study was a reported 3,212 adjunct faculty members of the 
Minnesota State system (List-serve Obtained from System Office-HR, Mr. Eric Davis 10/28/20) 
The Minnesota State system is comprised of 30 state colleges and seven state universities 
(Minnesota State, n.d.). The participants were from a system-wide listserv of all adjunct faculty 
as of Fall 2020. The inclusion criteria for the study necessitated that participants be 18-years-old 
and self-identify as an adjunct faculty member teaching at the postsecondary level. The survey 
included the following identifiers for gender: woman, man, transgender, gender (non-
conforming), gender (non-binary), and self-identification. Individuals who did not have access to 
the Internet were deemed ineligible individuals because study inclusion required response to an 
online survey.  
Purposive sampling was necessary for selecting adjunct faculty participants. Purposive 
sampling is a nonprobability sampling technique that relies on the researcher’s judgment in 
choosing appropriate members of the population based on the study objectives (Yang & 
Banamah, 2014), inclusion and exclusion criteria, availability, and proximity to the researcher 
(Leedy & Ormrod, 2015). The recruitment procedures listed the inclusion criteria to ensure the 




that were applicable to the study. Purposive sampling allows for greater accessibility, faster 
completion rate, and lesser costs associated with recruiting a study sample (Etikan et al., 2016). 
Although purposive sampling techniques limit the generalizability of study findings relative to 
probabilistic (i.e., random) sampling techniques, this sampling strategy was ideal for the study 
because individuals need to meet a specific set of inclusion criteria to be eligible to participate 
(Yang & Banamah, 2014). 
An a priori sample size calculation using G*Power enabled the determination of the 
minimum number of participants necessary for the study (Field, 2017). Conducting the sample 
size calculation required consideration of several factors, including the effect size, significance 
level, power of the analysis, and type of analysis (Field, 2017). A medium effect size considering 
a power of 80% and a significance level of .05 for a regression analysis determined the sample 
size calculation. The result of the G*Power analysis was factored after a completed number of 
survey’s are completed. 
Data Collection Procedures 
I obtained approval from the Institutional Review Board (IRB; see Appendix C) prior to 
data collection. A secondary solicitation was sent out a week later to solicit participants. 
Educators who chose to voluntarily participate in the survey could click on the survey tab and 
complete the survey. All surveys were linked and collected using Qualtrics and only fully 
completed surveys were used in the data analysis. This process required a four-week timeline in 
December 2020 to accommodate the end of the semester and winter break.  
After reading the introduction, participants could click on a link to access the survey. The 




procedures followed throughout the study to ensure the anonymity and confidentiality of 
participants. The online survey facility assigned a unique number to each participant, with no 
identifying information, such as names or addresses, collected. The informed consent also stated 
that participants could opt to withdraw from the study at any time without negative implications. 
The storage of all data was in the online survey facility until data collection was complete, after 
which time downloaded data storage was on a password-protected computer accessible only to 
the researcher. Data collection ended after one month and after at least 68 participants responded. 
A total number of 268 people went on to complete the study in full. Afterward, to ensure the 
accuracy of the collected data, I ensured there were no duplicates or errors and the data were 
clean. Finally, I imported the downloaded data into SPSS v24.0 for data analysis.  
Data Analysis Procedures 
Data analysis occurred using SPSS v27.0, with the data first cleaned by deleting or 
excluding cases with missing values. Once all data were complete in SPSS with no missing 
values, data analysis began. A Cronbach’s alpha calculation using individual survey responses 
determined reliability, with a value of .70 or higher indicating that the items were reliable in 
measuring the constructs. Conducting descriptive statistics entailed analyzing demographic and 
survey variables. Descriptive inferential statistics (e.g., frequencies and means) were used to 
describe the sample and check assumptions of the inferential statistics. Any outliers and 
normality were apparent in the data, with normality assessed using skewness and kurtosis and 
extreme outliers removed prior to analysis. Pearson’s correlation coefficient, tolerance, and 
variance-inflation factors allowed the researcher to assess the variables of attitudes, subjective 




Conducting the linear regression analysis entailed testing eight assumptions:  
1. The dependent variable of adjunct faculty’s intention to use technology, measured on 
a continuous scale. 
2. The independent variables of attitudes, subjective norms, and perceived behavioral 
control, measured using a continuous scale. 
3. Independence of observation 
4. Linearity 
5. Homoscedasticity of residuals 
6. Multicollinearity 
7. Outliers 
8. Leverage, influential points, and residual errors 
The assumptions allowed for determining the accuracy of the regression analysis, testing the 
regression model used, identifying the variation of the variables, and testing the hypotheses of 
the regression equation. The first assumption was that measuring the dependent variable of 
adjunct faculty’s intention to use technology was on a continuous scale. The second assumption 
was that the independent variables of attitudes, subjective norms, and perceived behavioral 
control were measurable using a continuous scale.  
The other five assumptions tested the data, independence of observation, linearity, 
homoscedasticity of residuals, multicollinearity, outliers, leverage and influential points, and 
residual errors (Field, 2017). The third assumption was independence of observation, used to test 
the multiple regression using the Durbin–Watson coefficient SPSS statistical test. The Durbin–




cannot be related. If they do relate, then an alternate statistical test called the time-series method 
would have been necessary. 
The fourth assumption was linearity, determining if a relationship existed among all the 
variables and then testing the variables collectively. Scatter plots and partial-plot regression 
created in SPSS were ways to test for a linear relationship between the dependent variable and 
each of the independent variables. If the relationships in the scatter plots or partial plots were not 
linear, a nonlinear regression analysis or a polynomial regression test was needed to transform 
the data using the Chart Builder feature in SPSS. 
The fifth assumption was homoscedasticity (equal error variance) of error terms, meaning 
that the residuals equal all values of the independent variables. A scatter plot showed the 
studentized residual against the values in SPSS. No clear pattern emerged; rather, a cone-shaped 
pattern indicated the data in the study were heteroscedastic. If any violations had occurred, then a 
transformation or a weighted least square statistical test would have taken place for each 
independent variable to sway the residual to normality. 
The sixth assumption was multicollinearity, which was only needed to test the data if two 
or more of the independent variables correlated highly with each other. Testing and an inspection 
correlation coefficients and tolerance/variance inflation factor analysis detects multicollinearity 
in SPSS. The latter analysis ensures that the dependent variables are perfectly collinear and the 
error terms for the variables meet the necessary requirement of normalcy and homoscedasticity. 
Approximately 15 to 30 multicollinearity problems may exist (Garson, 2012), with a collinearity 
diagnostics feature used to check for these problems. A variance inflation factor value above 2.5 




The seventh assumption was to test for outliers, leverage, and influential points. Case-
wise diagnostics and studentized residuals are statistical analyses to test for outliers and leverage 
points. Case-wise diagnostics also check for influential points that the Cook’s distance can use. 
Finally, the eighth assumption tested for residuals (errors), which ensure normally distributed 
residuals. Checking the assumption of normality is with a histogram, a normal P-P plot, or a 
normal Q-Q plot. The statistical tests examined normality of the variables using kurtosis and 
normal probability plots. With the numerous violations or problems that could occur in testing 
the assumptions, the SPSS diagnostics check presents alternative methods to confirm 
assumptions and the multiple regressions used (Field, 2017). 
The multiple regression first tested the first null hypothesis: attitudes and intention to use 
technology. Multiple linear regression tested the second null hypothesis: subjective norms and 
intention to use technology. Multiple linear regression also allowed for testing the third null 
hypothesis: perceived behavioral control and intention to use technology. The adjusted R-
squared values showed the variance explained by the predictor variables in the criterion or 
outcome variable. The coefficients of the model indicated which of the independent variables 
were significant predictors of the outcome variable. The results also showed, through an 
ANOVA test for significance of model, whether the regression model was significant in 
predicting the outcome or dependent variable (Field, 2017). The result of the model showed 
which of the independent variables was a significant predictor of the dependent variable. A p 
value of .05 or less indicated that the independent variable was a significant predictor of the 




significantly predicted the dependent variable. A significance level of 0.05 applied for all 
analyses. 
Ethical Considerations 
My dissertation committee, the IRB process, along with the Belmont Report ethical 
principles respect for persons, beneficence, and justice (National Commission for the Protection 
of Human Subjects of Biomedical and Behavioral Research, 1979) served as ethical guiding 
posts in this study. Respect for persons is elements of informed consent, as participants should 
have comprehensible and relevant information and agree to participate voluntarily. The 
beneficence principle is to minimize risk and maximize benefit for the research participant. 
Finally, justice is the principle to distribute research benefits and burdens; in other words, one 
group of participants should not suffer from the research while another group of participants 
benefits. These ethical principles are guidelines for research to reduce all potential harm and 
risks to human participants. Respect for the rights of participants was continuous throughout the 
study.  
Participation in the study was entirely voluntary, thus ensured by asking individuals 
whether they agreed to take part in the study prior to collecting data. Participants received an 
informed consent form before they proceeded to the survey, with their acceptance signifying that 
they understood the procedures and their role in the study. Anyone who did not agree to the 
informed consent form was thanked for their interest and did not continue to the survey. Survey 
responses were collected through an online survey facility, and all participant data were 




or company names); instead, each participant received an assigned identification number. 
Descriptive statistics characterized participant responses. 
The confidential nature of the collected data using only alphanumeric identifiers meant 
participants could be confident their identities will remain unknown. The risk of privacy or 
confidentiality issues during the data collection process was minimal, as the researcher 
conducted all data collection and analyses. I am the only one who has access to the data, storing 
all materials for three years after study publication before destroying them. Data in the online 
survey facility were encrypted, transmitted, secured, and stored. Digital copies of data are stored 
and password-protected on a computer, with an Internet connection not needed for subsequent 
access; hard copies remained in a locked filing cabinet when not in use. I worked to mitigate 
potential ethical concerns by making anonymous any identifying information to responses.  
Summary 
The purpose of this quantitative, nonexperimental, predictive research study was to 
understand what variables influence whether an adjunct faculty member decides to utilize IT in 
the classroom. The target population for this study was adjunct faculty members at the 
postsecondary level within the United States. The study included self-identified faculty members 
hired to teach on a part-time basis at the postsecondary level. The inclusion criteria set for the 
study were as follows: (a) Participants must be 18 to 65 years old; (b) participants must be an 
adjunct faculty member at a postsecondary level in an academic institution; and (c) participants 
must reside and teach in the United States. The means of data collection was an online survey 












Chapter 4: Results 
In this chapter, I present the findings and data analysis based on the dependent variable of 
(intention) and the comparison of independent variables of attitude, subjective norms, perceived 
behavior control, and attitudes. Three questions drove the study: R1: To what extent does attitude 
predict adjunct faculty intention to use technology?; R2: To what extent does subjective norm 
(peer pressure) influence adjunct faculty intention to use technology?; and R3: To what extent 
does perceive behavioral control influence adjunct faculty intention to use technology? Data 
analysis occurred using IBM Statistical Product and Service Solutions (SPSS) version 27. All 
five models in the study include a multiple linear regression analysis to determine their ability to 
determine intention. The overarching findings suggest attitude, subjective norm, and perceived 
behavioral control are statistically significant predictors of user’s intention. 
Descriptive Results 
After sending the 40-item survey via e-mail to approximately 3,212 adjunct faculty in 
December 2020, I collected 286 complete survey responses. The final submitted number of 
surveys was 286, with Metropolitan State University having the largest number of participants at 
39 which is 13. percent of the total respondents. Other notable institutions included: St. Cloud 
State University with 22 or 7.7 percent of the respondents, Minnesota State University-Mankato 
with 18 or 6.3 percent of the respondents, Winona State University with 14 or 4.9 percent 
respondents, and Minneapolis Community and Technical College with 10 at 3.5 percent of total 
respondents. The remaining institutions had single-digit respondents (Table 1) presents a 
breakdown of the institutions represented in the study and the number of participants from each. 




Rainy River Community College and North Hennepin Community College. Some participants 
did not respond to this question, which I then coded using “99” as the institution.  
Table 1 
Institution Where Employed 




Alexandria Technical and Community 
College 
4 1.4 1.4 1.4 
Anoka Technical College 1 .3 .3 1.7 
Anoka-Ramsey Community College 8 2.8 2.8 4.5 
Bemidji State University 8 2.8 2.8 7.3 
Central Lakes College 2 .7 .7 8.0 
Century College 6 2.1 2.1 10.1 
Dakota County Technical College 4 1.4 1.4 11.5 
Fond du Lac Tribal and Community College 4 1.4 1.4 12.9 
Hennepin Technical College 4 1.4 1.4 14.3 
Hibbing Community College 1 .3 .3 14.7 
Inver Hills Community College 7 2.4 2.4 17.1 
Itasca Community College 3 1.0 1.0 18.2 
Lake Superior College 9 3.1 3.1 21.3 
Minnesota State Community and Technical 
College 
5 1.7 1.7 23.1 
Mesabi Range College 2 .7 .7 23.8 
Metropolitan State University 39 13.6 13.6 37.4 
Minnesota State College Southwest 2 .7 .7 38.1 
Minneapolis Community and Technical 
College 
10 3.5 3.5 41.6 
Minnesota State University – Mankato 18 6.3 6.3 47.9 
Minnesota State University – Moorhead 9 3.1 3.1 51.0 
Minnesota West Community and Technical 
College 
7 2.4 2.4 53.5 
Normandale Community College 6 2.1 2.1 55.6 
North Hennepin Community College 5 1.7 1.7 57.3 
Northeast Higher Education District 1 .3 .3 57.7 
Northwest Technical College 8 2.8 2.8 60.5 
Pine Technical and Community College 3 1.0 1.0 61.5 
Ridgewater College 8 2.8 2.8 60.5 
Riverland Community College 3 1.0 1.0 61.5 
Rochester Community and Technical 
College 




St. Cloud Technical and Community College 5 1.7 1.7 66.4 
St. Cloud State University 22 7.7 7.7 74.1 
Saint Paul College 4 1.4 1.4 75.5 
South Central College 6 2.1 2.1 77.6 
Southwest Minnesota State University 7 2.4 2.4 80.1 
Vermillion Community College 1 .3 .3 80.4 
Table 1 Continued 




Winona State University 14 4.9 4.9 85.3 
No response (99) 42 14.7 14.7 100.0 
Total 286 100.0 100.0  
 
Demographics 
As demonstrated in Table 2, this sample was quite diverse among the colleges and 
universities. The self-identified gender composition of participants was 168 women (58.7%), 113 
men (39.5%), one transgender (1.7%), and three nonbinary (1.2%). The age composition was one 
24 years or younger (3%), 38 ages 25 to 29 (11%), 150 ages 30 to 39 (43%), 75 ages 40 to 49 
(26.2%), and 153 ages 50 and older (53.5%). The racial or ethnic composition of the participants 
was 260 White (90.9%), 12 Black or African American (4.2%), two American Indian or Alaskan 
Native (.7%), nine Asian (3.1%), and eight other (2.8%). The Hispanic/Latinx participation rate 
was 1.7% (n=5).  
The breakdown for number of classes taught per semester was one to two (n = 193; 
67.5%), three to four (n=64; 22.4%), and five or more (n=24; 8.4%). The reported numbers of 
years taught were 1 to 5 years (n=86; 30.1%), 6 to 10 years (n=50; 17.5%), 11 to 15 years (n=38; 
13.3%), and 16 or more years (n=109; 38.1%). Two thirds (62.6%) of participants had secondary 
employment, and 88.8% had taught as an adjunct faculty in the last two years. Teaching as an 




teaching experience as an adjunct was 1 to 5 years (51.4%), 6 to 10 years (21.3%), 11 to 15 years 
(11.5%), and 16 years or more (14.3%). Finally, the discipline breakdown was 15.4% business, 
17.5% humanities, 18.2% natural and applied sciences, 12.6% social sciences, 15.4% education, 






Variable N % of sample 
Gender   
Woman 168 58.7 
Man 113 39.5 





Age (years)   
24 or younger 1 .3 
25-29 11 3.8 
30-39 43 15 
40-49 75 26.2 
50 or older 153 53.7 
Race/ethnicity   
White 260 90.9 
Black/African American 12 4.2 
American Indian or Alaskan Native 2 .7 
Asian 9 3.1 
Other 8 2.8 
Hispanic or Latinx 5 1.7 
Number of classes taught per semester   
1-2 193 67.5 
3-4 64 22.4 
5 or more 24 8.4 
Years of teaching experience   
1-5 86 30.1 
6-10 50 17.5 
11-15 38 13.3 
16 or more 109 38.1 
Has secondary employment besides teaching   
Yes 179 62.6 
No 104 36.4 
Taught as an adjunct faculty within the past 2 years   
Yes 254 88.8 
No 28 9.8 
Teaching as adjunct faculty is primary employment   
Yes 123 43.2 






Table 2 Continued 
Variable N % of sample 
Years of experience teaching as an adjunct faculty   
1-5 147 51.4 
6-10 61 21.3 
11-15 33 11.5 
16 or more 41 14.3 
Discipline taught as an adjunct faculty   
Business 44 15.4 
Humanities 50 17.5 
Natural and applied sciences 52 18.2 
Social sciences 36 12.6 
Education 44 15.4 
Other 99 34.6 
   
 
Model Results 
The following section will provide the results of the linear regression analysis testing the 
relationship between the dependent variable (behavioral intention) and the independent variables 
(attitude, subjective norm, and perceived behavioral control). Included in the model is an 
analysis of which independent model showed the strongest statistical significance in predicting 
behavioral intention. In conclusion, it is through these analyses all three hypothesis will be 
tested. The layout of this section does not assume the reader’s knowledge of quantitative 
research. Each model will include both quantitative analyses including data and a narrative to 
explain the overall meaning of the data.  Model I provides a broader explanation of the analysis 
which can be used to understand what range of data means as it relates to being statistically 
significant. The fuller explanation provided within Model I should be used as a point of reference 




Model I: Attitude Predicts Adjunct Faculty Intention to Use Technology 
Table 3 presents the regression output descriptive statistics. Findings show a mean of 
4.4240 with a standard deviation of .87441, which strongly supports adjunct faculty intention to 
use technology is predicted by attitude with a strong influence. As previously, discussed the 
survey instrument was a five-point Liker-scale, with five representing strongly agree and one 
representing strongly disagreeing. The respondents scores were closely clustered to the mean of 
4.4240, which indicates a strong feeling towards strongly agreeing and agreeing with questions 
related to attitude. Also, statistics (M=4.4413, SD=.53096) show respondents’ agreement that 
attitude moderately predicts adjunct faculty intention to use technology. The standard deviation 
number indicates how dispersed the responses are related to the means. So the smaller the 
number, the closer the scores are to the means.  
Table 3 
Descriptive Statistics 
Variable  Mean Std. deviation N 
Intention overall 4.4240 .87441 283 
Attitudes overall 4.4413 .53096 283 
 
Correlations analysis was the means to establish the relationship between intention and 
attitude. Findings showed attitude was a moderate predictor of behavioral intention by a factor of 
.225, which is a low-degree correlation with a positive, statistically significant relationship (sig. 
value = .001, which is less than p < 0.05) which means that there is a 5 percent chance of the 
results if the null hypothesis were true (Table 4). When examining the correlational analysis, the 




Any number above .05 indicates a negative relationship varying by degree according to how far 
away the number is from .05 (Field, 2017). 
Table 4 
Correlations 
Variable Intention overall Attitudes overall 
Pearson correlation   
Intention overall 1.000 .225 
Attitudes overall .225 1.000 
Sig. (1-tailed)   
Intention overall – .001 
Attitudes overall .001 – 
N   
Intention overall 283 283 
Attitudes overall 283 283 
 
In order to ensure that the analysis is suitable for testing the relationship a model 
summary is included in Table 5. The model summary and ANOVA will tell us how if the 
dependent variable (attitude) is a good predictor of the independent variable user intention. The 
model summary will indicate what percentage of the time the data fits the model. Therefore the 
higher the F square the better the fit. The output on the model summary, which indicated the 
variance in the predictor variable attitudes overall. (R=.225) shows a low degree of correlation. 
R2 =.051 indicates 5.1% variance in the predictor variable, slightly higher than the adjusted R2 = 
.047, which confirms model suitability. Again, confirming that although there is a low 
correlational relationship between attitude and intention 5 percent, it is positive and therefore 
acceptable. Table 6 reveals the ANOVA carried out to determine if the regression model predicts 
the independent variable (attitude) well. The significance value of .001 is less than (p < 0.05), 




shows the coefficient analysis of the dependent variables, which confirmed a statistically 
significant relationship (p < 0.05 = .001) with a B positive coefficient value of .371.Ultimately 
all analysis indicate that attitude statistically has a positive, but moderate predictive influence on 
intention and therefore the null hypothesis should be rejected, all else held constant. 
Table 5 
Model Summary 
Model R R2 Adjusted R2 Std. error of the 
estimate 
1 .225a .051 .047 .85342 









1      
Regression 10.957 1 10.957 15.044 .001b 
Residual 204.660 281 .728   
Total 215.617 282    







Model Unstandardized coefficients Standardized 
coefficients 
t Sig. 
 ß Std. error ß   
1      
(Constant) 2.775 .428  6.482 .001 
Attitudes overall .371 .096 .225 3.879 .001 
Note. a = dependent variable: intention overall; b = predictors: (constant), attitudes overall. 
 
Model II: Subjective Norm (Peer Pressure) Influences Adjunct Faculty Intention to Use 
Technology 
The second research question in this study was to examine the predictive nature on the 
influence of subjective norm (peer pressure) towards adjunct faculty intentions to use 
technology. Linear regression analysis was a means to validate the truthfulness of the null or 
alternate hypothesis. The output shows the descriptive statistics, correlations, model summary, 
ANOVA, and coefficients (see Tables 8–12). The descriptive statistics (see Table 8) show that 
intention had a mean of 4.4261, which confirms an agreement to intention influencing adjunct 
faculty to use technology, with (SD=.87354) indicating significant variance. Norms (pressure) 
had a mean of 3.5018, confirming moderate influence by intention to adjunct faculty use of 
technology; a standard deviation of 1.01011 confirmed high variance. As previously, described a 
standard deviation close to 1 indicates a high number of scores centered at the means, all else 
held constant. The respondents were close in their responses to subjective norm questions.  




norm (pressure) with a low degree of correlation (.225) and a significance value of .001, which is 
less than (p < 0.05) (see Table 9). This finding indicated that peer pressure influences the 
intention to use technology by adjunct faculty members. Indicating that while respondents agreed 
with their response, the statistically significant was positive but at a low degree. 
Table 8 
Descriptive Statistics 
Variable  Mean Std. deviation N 
Intention overall 4.4261 .87354 284 




Variable Intention overall Norms overall 
Pearson correlation   
Intention overall 1.000 .225 
Norms overall .225 1.000 
Sig. (1-tailed)   
Intention overall – .001 
Norms overall .001 – 
N   
Intention overall 284 284 
Norms overall 284 284 
 
Findings on the model summary (see Table 10) showed that (R =.255), confirming a low 
degree of association with (R2 =.065), which is slightly higher than the adjusted (R2 =.062). A 
standard deviation of .84605 indicates slight variance; hence, the model confirmed statistical 
suitability for the analysis. An ANOVA analysis (see Table 11) confirmed the statistically 
significant influence of norm (peer pressure) on the intention by adjunct faculty to use 




influence of peer pressure on the intention of adjunct faculty to use technology, upholding the 
hypothesis (H1) and rejecting the null hypothesis (H01). The coefficients output (see Table 12) 
showed a statistically significant relationship between peer pressure and intention to use new 
technology by adjunct faculty members, further upholding the hypothesis. 
Table 10 
Model Summary 
Model R R2 Adjusted R2 Std. error of the 
estimate 
1 .255a .065 .062 .84605 
Note. a = predictors: (constant), norms overall. 
Table 11 
ANOVAa 





1      
Regression 14.091 1 14.091 19.686 .001b 
Residual 201.856 282 .716   
Total 215.947 283    




Model Unstandardized coefficients Standardized 
coefficients 
t Sig. 
 ß Std. error ß   
1      
(Constant) 3.652 .181  20.131 .001 
Norms overall .221 .050 .255 4.437 .001 





Model III: Behavioral Control to Predict Intention 
I conducted regression analyses to establish whether behavioral control predicts intention 
by adjunct faculty to use technology. A descriptive statistics analysis (see Table 13) showed that 
intention had a mean of 4.4261 with a standard deviation of .87354, indicating respondents’ 
agreement that behavioral control influenced the intention to use technology by adjunct faculty. 
Indicating a strong variance by a large portion of the respondents towards the means. Behavioral 
control had a mean of 3.9601 with a standard deviation of .91832, which is slightly higher than 
intentions, indicating a higher variance. Again, illustration how strong respondents aligned to 
their responses to behavioral control. If the scores were plotted on a graph one would find a large 
cluster of scores congregated in one area. 
Table 13 
Descriptive Statistics 
Variable  Mean Std. deviation N 
Intention overall 4.4261 .87354 284 
Behavioral control overall 3.9601 .91832 284 
 
The correlation coefficients show a statistically significant relationship between 
behavioral control and intentions (see Table 14). The significance value .001 is less than (p < 
0.05), with a Pearson coefficient correlation value of .369 indicating a moderate degree of 
influence on the intention by adjunct faculty to use technology. This coefficient correlation 
indicates that overall the behavioral control variable statistically has a moderate predictive 






Variable Intention overall Behavioral control 
overall 
Pearson correlation   
Intention overall 1.000 .369 
Behavioral control overall .369 1.000 
Sig. (1-tailed)   
Intention overall – .001 
Behavioral control overall .001 – 
N   
Intention overall 284 284 
Behavioral control overall 284 284 
 
An analysis of the model summary (see Table 15) showed that R had.369 moderate 
degree of variance with (R2 =.136), which is slightly higher than the adjusted (R2 =.133), 
indicating that the predictor variables have a 13.6% chance of predicting that intentions influence 
adjunct faculty use of technology. Findings from the ANOVA analysis (see Table 16) confirmed 
a statistically significant relationship between behavioral control and intentions to use 
technology. A significance value of .001 is less than the coefficient (p < 0.05), confirming a 
statistically significant relationship between behavioral control and intentions. Coefficient values 
for the dependent variable intention (see Table 17) confirmed a statistically significant 
relationship with behavioral control. With a significance value of .001, which is less than (p < 
0.05), the findings confirmed that behavioral control has a positive (ß =.351) moderate 
predictability of intentions by adjunct faculty in using technology. All analysis indicates the 
statistical significances of the variable behavioral control to predict the intention to use 






Model R R2 Adjusted R2 Std. error of the 
estimate 
1 .369a .136 .133 .81324 
Note. a = predictors: (constant), behavioral control overall. 
Table 16 
ANOVAa 





1      
Regression 29.445 1 29.445 44.522 .001b 
Residual 186.502 282 .661   
Total 215.947 283    





Model Unstandardized coefficients Standardized 
coefficients 
t Sig. 
 ß Std. error ß F Sig. 
1      
(Constant) 3.035 .214  14.184 .001 
Behavioral 
control overall 
.351 .053 .369 6.672 .001 
Note. a = dependent variable: intention overall. 
 
Model IV: Attitude, Behavioral Control, and Norms (Peer Pressure) Can Predict Intention 
I conducted a regression analysis to determine if attitude, behavioral control, and norms 




(see Table 18) showed great variance in the mean for the variables attitude, intentions, behavioral 
control, and norms (4.4413, 4.4240, 3.9564, and 3.4965, respectively), confirming a moderate 
variance in predicting intention by adjunct faculty to use technology. This analysis indicates that 
on a 5 point Likert-scale respondents were more likely closer to strongly agree with questions 
related to attitude and intention and expressed a neutral or low agree response for behavioral 
control and subjective norm question. 
Table 18 
Descriptive Statistics 
Variable  Mean Std. deviation N 
Intention overall 4.4240 .87441 283 
Behavioral control overall 3.9564 .91786 283 
Attitudes overall 4.4413 .53096 283 
Norms overall 3.4965 1.00794 283 
 
A Pearson correlation coefficient computation established the relationship between the 
influence of the predictor variables attitudes, behavioral control, and norms on the intention to 
use technology by adjunct faculty. The findings showed a positive, statistically significant 
relationship (see Table 19). Because all the variables had a significance coefficient less than 
(p < 0.05) with Pearson correlation coefficients of 368, 284, 225, and 253, there was a moderate 
degree of influence on adjunct faculty intention to use technology. The model summary (see 
Table 20) shows the analysis of model reliability in predicting the dependent and independent 
variables. Computations of (R =.418) degrees of variance with (R2 =.174) degree of variance 
were higher than the adjusted R2, which had .166 confirming to model statistical viability to 
predicting the variable accurately with a low standard error of the estimates values .79873, 




independent variables can be used to explain the behavioral intention of using technology at least 












Pearson correlation    
Intention overall 1.000 .368 .225 
Behavioral control overall .368 1.000 .284 
Attitudes overall .225 .284 1.000 
Norms overall .253 .229 .240 
Sig. (1-tailed)    
Intention overall – .001 .001 
Behavioral control overall .001 – .001 
Attitudes overall .001 .001 – 
Norms overall .001 .001 .001 
N    
Intention overall 283 283 283 
Behavioral control overall 283 283 283 
Attitudes overall 283 283 283 




Model R R2 Adjusted R2 Std. error of the 
estimate 
1 .418a .174 .166 .79873 





An ANOVA (see Table 21) showed a statistically significant relationship between 
predictor variables norms overall, behavioral control overall, and attitudes overall in influencing 
intention by adjunct faculty to use technology, with a statistical significance of .001 (less than p 
< 0.05) and a .638 mean of squares, equivalent to 63.8% variance. Findings on the regression 
coefficient (see Table 22) confirmed a statistically significant relationship among predictor 
variables behavioral control and norms overall in predicting the intention of adjunct faculty to 
use technology, as the significance values of .001 and .001 were less than (p < 0.05), confirming 
a significant influence. However, attitude had a significant coefficient of .081, which is higher 
than (p > 0.05), indicating no statistically significant relationship with behavior control and norm 
(peer pressure) in predicting intention for adjunct faculty to use technology. This finding 
indicates that attitude is not influenced by either behavioral control or norms (peer pressure) in 
determining the intention to use technology by adjunct faculty. The significance in analyzing all 
independent variables was that attitude when including behavioral control and subjective norm 
(peer pressure) lost any positive significance and therefore not a factor when looking collectively 
at all three variables.  
Table 21 
ANOVAa 





1      
Regression 37.623 3 12.541 19.658 .001b 
Residual 177.993 279 .638   
Total 215.617 282    
Note. a = dependent variable: intention overall; b = predictors: (constant), norms overall, 







Model Unstandardized coefficients Standardized 
coefficients 
t Sig. 
 ß Std. error ß   
1      
(Constant) 2.059 .416  4.953 .001 
Behavioral 
control overall 
.288 .055 .302 5.252 .001 
Attitudes overall .167 .095 .101 1.752 .081 
Norms overall .139 .049 .160 2.809 .005 
Note. a = dependent variable: intention overall. 
Model V: Stepwise Hierarchical Regression Analysis 
I calculated a stepwise hierarchical regression analysis to determine which of the 
predicting variables was most suitable for predicting intention to use technology. The findings, 
as presented in Table 23, showed attitude with a mean of 4.4413, which is the highest mean, 
followed by intentions with a mean of 4.4240, behavioral control with a mean of 3.9564, and 
norms (peer pressure) with a mean of 3.4965. These findings showed that attitude hierarchically 
ranks as the best in predicting intention to use technology, followed by behavioral control and 
norms (peer pressure). A correlations analysis (see Table 24) confirmed a statistically significant 
relationship between the variables with significance values less than (p < 0.01). Pearson 
correlation coefficient values showed that variance is the degree of prediction whereby 
behavioral control had the highest degree of predicting intention to use technology with a 
significant Pearson correlation coefficient of .368. The next highest predictor was subjective 
norms (peer pressure), which had a moderate degree of prediction of intention to use technology 




prediction of intention, with a Pearson correlation coefficient of .225. Findings on the model 
summary (see Table 25) show that Model 2 had a higher degree of freedom in predicting 
intention to use technology, with an R coefficient .407 higher than Model 1 R coefficient =.368. 
There was a significant difference in R2, where the Model 2 R2 (.165) is higher than that of 
Model 1 (.135), indicating the former is more likely to accurately predict intention to use 




Variable  Mean Std. deviation N 
Intention overall 4.4240 .87441 283 
Behavioral control overall 3.9564 .91786 283 
Attitudes overall 4.4413 .53096 283 













Pearson correlation    
Intention overall 1.000 .368 .225 
Behavioral control overall .368 1.000 .284 
Attitudes overall .225 .284 1.000 
Norms overall .253 .229 .240 
Sig. (1-tailed)    
Intention overall – .001 .001 
Behavioral control overall .001 – .001 
Attitudes overall .001 .001 – 
Norms overall .001 .001 .001 
N    
Intention overall 283 283 283 
Behavioral control overall 283 283 283 
Attitudes overall 283 283 283 




Model R R2 Adjusted R2 Std. error of the 
estimate 
1 .368a .135 .132 .81459 
2 .407b .165 .159 .80167 
Note. a = predictors: (constant), behavioral control overall; a = predictors: (constant), behavioral 
control overall, norms overall. 
ANOVA on the two-model hierarchical degrees of fitness to predicting intention to use 
technology shows statistically significant similarities in freedom to predict intention to use 
technology with a coefficient value of 0.01, which is less than (p < 0.05), confirming statistically 
significant similarities (see Table 26). However, the means square due to regression for Model 2 




regression (29.158 with a residual value of .664). Also, Model 1 had a higher variance between 
sample means (F=43.942) than Model 2 (F=27.74), making Model 1 more suitable for predicting 
intention to use technology. Excluding attitude, which showed no statistically significant 
relationship with other predictor variables, norms and behavioral control predicted intention to 
use technology. Table 27 presents a comparison of Model 1 with one predictor variable 
(behavioral control) and Model 2 with two predictor variables (behavioral control and norms). 
Findings showed Model 1 behavioral control had a higher standard coefficient (ß =.368, t 
=6.629, sig. =.001) than the predictor variable for Model 2 (behavioral control and norms; ß 
=.327, t =5.830, sig. =000; ß =.178, t =3.182, sig. =002). These findings indicated that the first 
model with only behavior as the predictor variable was a stronger predictor of intention to use 
technology than the second model with two predictor variables, thus confirming statistical 









1      
Regression 29.158 1 29.158 43.942 .000b 
Residual 186.459 281 .664   
Total 215.617 282    
2      
Regression 35.666 2 17.833 27.748 .000c 
Residual 179.951 280 .643   
Total 215.617 282    
Note. a = dependent variable: intention overall; b = predictors: (constant), behavioral control 








Model Unstandardized coefficients Standardized 
coefficients 
t Sig. 
 ß Std. error ß   
1      
(Constant) 3.038 .215  14.155 .000 
Behavioral 
control overall 
.350 .053 .368 6.629 .000 
2      
(Constant) 2.650 .244  10.870 .000 
Behavioral 
control overall 
.311 .053 .327 5.830 .000 
Norms overall .155 .049 .178 3.182 .002 
Note. a = dependent variable: intention overall. 
 
The two-model hierarchical ask if there are independent variables which one has is the 
strongest statistically significant predictor of the dependent variable? In the case of this study, I 
looked at behavioral control and subjective norm (peer pressure). The analysis described above 
indicates the behavioral control is the strongest independent variable to statistically predict users 
intention to use technology, with all things constant.  
Overall, the key findings of this study support the decomposed theory of planned 
behavioral and it is predictive ability to determine user-intentions. The findings indicated adjunct 
faculty’s attitudes were a moderate statistically significant predictor if they will use technology 
in the classroom. Additionally, subjective norm (peer pressure) was statistically significantly at 
predicating user-intention to use technology in the classroom. However, the most statistically 
significant predictor was perceived behavioral control at predicting user’s-intentions. In 













Chapter 5: Discussion and Conclusion 
In this chapter, I discuss the findings from the previous chapter in relation to existing 
literature. I then describe the potential implications of the study and limitations. Next, I include 
recommendations for policy formulation and implementation. Lastly, I offer recommendations 
for future studies examining how to best support adjunct faculty. The findings of this study 
demonstrated that all three variables: attitude, subjective norm, and perceived behavioral control 
are statistically significant predictors of user’s-intention to use technology in their classroom. 
Demographics and Technology Usage 
The demographic findings in this study reflect similar results to those preceding this 
work, but still includes surprising results. The survey’s results found that white, women over the 
age of 50 were the largest groups of participants. Bickerstaff and Chavarín (2018) conducted a 
study of 254 part-time faculty at six colleges and found similar statistics. Similar to my study 
indicating that 62% of respondents work at another position, Bickerstaff and Chavarín (2018) 
found 60% of adjunct faculty were working at another position outside of their teaching position. 
The identified technology usage indicates a majority (n=211) of participants used D2L for course 
management (see Table 28). This was the largest area of technology use with Zoom coming in 
second (n= 127). This finding aligns with the findings of Marzilli et al. (2014) who also found 
course management as the dominant use of technology. Additionally, the survey was flawed 
because in the technology section respondents were provided the option to list “other” if they did 
not find the technology that they used, however there was no space to actually list the name of 
the technology. Therefore, it is unclear what other technologies are being utilized in the 




















Exams Other Total 
Blackboard 12 1 2 0 0 0 0 15 
Canvas 9 1 1 0 0 0 0 11 
D2L Brightspace-Respondus 211 24 2 11 2 6 2 258 
Kaltura Media Space 15 12 41 1 34 2 0 105 
Moodle 3 0 0 0 0 0 0 3 
Office 365: Word, PowerPoint, Excel 67 124 20 1 0 1 4 217 
Panopto 1 1 0 0 1 0 0 3 
Polycom 0 0 0 0 0 0 0 0 
ReadSpeaker- text-to-speech 3 3 0 0 0 0 0 6 
Sharestream 0 1 0 0 0 0 0 1 
Softchalk-content authoring 4 0 2 0 0 0 0 6 
Sonic Foundry (Mediasite) 1 0 0 0 0 0 0 1 
TechSmith (Camtasia) 1 1 6 0 5 0 1 14 
Tegrify 0 0 1 0 0 0 0 1 
Turnitin – plagiarism detector 4 37 1 0 0 0 2 44 
Vbrick 0 0 0 0 0 0 0 0 
Web Conference Service (Adobe Connect) 3 1 5 1 3 0 1 14 
Zoom 26 6 127 19 41 1 12 230 




Attitude Prediction of Adjunct Faculty Intention to Use Technology 
Findings on the first research question: to what extent does attitude predict adjunct 
faculty intention to use technology; were confirmed to a statistically significant relationship (p < 
0.05 = 0.00). With R2 value of 0.51 confirming to significant variance in attitude towards 
technology among adjunct faculty member’s intention to use technology. These findings are in 
line with a study carried out by Rupak et al. (2014) whose study utilized the technology 
acceptance model (TAM) in exploring user’s intention with social media. They concluded that 
perceived usefulness and ease of use attributed to attitude and had a great influence on intention 
to use technology. This aligns with my study’s results concluding that respondent’s attitude was 
a statically significant predicator of users intention to use technology. Prior research by Clark-
Gordon et al. (2019), Findik-Coşkunçay et al. (2018), and Jo et al. (2018) who conducted 
rigorous assessments of user theory, found that attitude had a significant impact on an 
individual’s decision to use or not use technology. In simple terms, faculty intention to use 
technology is broad and highly influenced by attitude towards the technology equipment and its 
ability to provide a solution to an existing problem. 
Subjective Norm (Peer Pressure) Influences Adjunct Faculty  
Intention to Use Technology 
 
The results from my regression output on whether peer pressure influences adjunct 
faculty members to use technology confirmed a statistically significant influence similar to 
previous findings such work for Ahmed & Ward, 2016. The study showed correlation 
coefficients indicated (p < 0.05= 0.00) with a Beta coefficient of 0.715 which indicated a 
significant extend. These findings can simply be explained as the intention to use technology by 
adjunct faculty members is, to a significant extent, influenced by how peers can use their 




These findings are in line with an earlier indication in the literature review by Paver et al. 
(2014) who established a statistically significant relationship between subjective norm and the 
intention to use information technology among 130 community faculty members. However, in 
contrast to the findings, a study by Toe et al. (2016) on 592 voluntary participants in primary and 
secondary schools in Singapore, found their intent to use technology in the classroom established 
that subjective norm predicted neither usage intention nor perceived usefulness. Confirming the 
statistically significant variance among respondents as indicated in the (R2 = 0.065) on peer 
pressure influence on technology usage. Therefore, peer pressure had little to no impact on the 
decision making of respondents. 
Behavioral Control to Predict Intention 
Results show that behavioral control can significantly influence adjunct faculty member’s 
intention to use technology, as confirmed in the regression analysis where the statistical 
correlation coefficient of 0.00 was less than (p < 0.05). Hence, upholding H1 which stated that 
“perceived behavioral control influences the use of technology adjunct faculty members.” These 
findings are consistent with a study carried out by Garrote (2012) of 17 lecturers who used LMS 
in their daily teaching activities and established they were only using it for course administration 
even though they could use it in more engaging activities. The study was conducted twice in five 
years between 2006 and 2011 and Garrote established that lecturers were still using it only for 
course administration. This was attributed to a lack of time to learn other functionalities of the 
LMS. 
Thus, behavioral control factors such as self-efficacy, interest, or perceived usefulness 
were established to greatly influence adjunct faculty usage of technology. Findings are also in 




between self-efficacy and perceived behavioral control as well as intention to use technology. 
The findings further indicated that resource availability significantly determined behavioral 
control on the intention to use technology.  
Attitude, Behavioral Control, and Norms (Peer Pressure) Can Predict Intention 
Findings on whether all three predictor variables influence intention to use technology by 
adjunct faculty members established a statistically significant relationship with significant values 
(0.00< p < 0.05. R2 =.172) confirming a significant variation among predictor variables in 
predicting intention to use technology by adjunct faculty members. Comparing the three 
predictor variables to establish which amongst them is the most suitable for predicting adjunct 
faculty intention to use technology the stepwise regression analysis established that behavioral 
controls had the highest degree of prediction with a Pearson correlation coefficient of .328. 
Seconded by norms overall and lastly attitude. These findings are in agreement with Brouwer et 
al., (2009) who affirmed that perceived behavioral control influences a person's ability to exhibit 
intentions in take specific actions. In this case, were circumstances such as the COVD-19 
outbreak which has altered the way things are done normally. The behavioral control mechanism 
is in place and to a significant extent is influencing the type of technology equipment and 
services used by adjunct faculty members based on the resources available. 
My Critique 
My initial exploration into this topic was solely to explore user’s intention theory and 
adjunct faculty. Admittedly naïve on the subject matter, I was curious to know why some faculty 
use technology in the classroom, while other’s seemingly use little. However, I instantly found 
that in order to study faculty within higher education, I had to study adjunct faculty. This opened 




fundamentality what I perceived was the role of higher education in connection to the broader 
community. Prior to this study, I also believed higher education was the beacon of righteousness 
sworn to develop the minds of those who would one day go out and save the world of its unjust 
ways. Not realizing that we (higher education) have come to embrace some of the practices once 
frowned upon—the “bottom line.” In the pursuit to become competitive, we have moved to 
finding bottom line value in what used to be one of the most important commodities in higher 
education—faculty. This study has made it clear to me that professionalism has been removed 
from professor. The once covenant position of tenure-track professor is now treated with the vile 
prestige of an admissions to an ivory league college. Most recent doctorate students are realizing 
their opportunity to obtain these positions are low and the other option of serving as an adjunct 
faculty is not a viable option. I am one of these students. This study has allowed me the 
opportunity to come to my conclusion that I sadly may never work one day in higher education. I 
cannot afford to work in higher education and meet the financial obligations of my traditional 
family of four. 
Ironically, this was not in any of the marketing brochures or admissions pamphlets I 
explored while pursuing a doctorate degree. I would speculate many students in my situation 
were told what their job prospects would be like if they were interested in pursuing teaching in 
higher education. There is an older and retiring faculty at one end of the spectrum and at the 
other end you have another group of older adjunct faculty workers with a few young faculty 
members. Where are all of the other young doctorates? Other industries were smart enough to 
know the value of highly educated staff for their “bottom-line” and moved quickly to 






Although I set out to earnestly examine adjunct faculty’s intentions to use technology, the 
onset of COVID drastically altered my topic and, there are several limitations to this study. Data 
collection for this study was by survey administration with closed-ended questions. It became 
apparent that participants wanted to share or expand on their responses, as indicated by 12 e-
mails sent to me In the e-mails, the participants communicated issues centered around adjunct 
faculty working conditions. Although this study focused on user intention, there were valid 
concerns about working conditions. Thus, future qualitative research exploring the working 
conditions of adjunct faculty and the impact on instructional practices in the classroom would be 
beneficial.  
Another limitation was the survey questions, which required participants to select the 
technology they currently used in the classroom at least 50% of the time and for what purpose. 
This became a limitation because the selection choices were not specific enough to clearly 
determine if instruction was actually being used based on the choices. The most significant areas 
of use were course management software, Zoom for hybrid instruction, and plagiarism-checking 
programs which suggests course management may indeed be used more than other activities. . 
Future researchers could delve more into actual software use in the classroom. Further, a 
qualitative study requiring faculty to journal their daily instruction and lesson outlines could 
provide more accurate information on classroom usage. 
 Like most dissertating scholars, the COVD-19 pandemic was a great drawback in the 
progression of my study. Restriction in movement and people being encouraged to work or study 
from home made this process challenging. I was unable to access the library facility and the 




could adjust and get things on track. Moving to a entirely remote working lifestyle and learning 
to homeschool a sixth and seventh grader. Finally, having five people manage ZOOM calls in a 
middle size home and compete for quiet space impacted the ability to manage work and any 
other responsibilities.  
Implications and Recommendations  
The study results showed a statistically significant positive attitude and weak subjective 
norm, and perceived behavioral control was a statistically stronger predictor of intention to use 
technology by adjunct faculty as compared to other predictor variables. Implications for 
administrators and other stakeholders are somewhat dubious. Although it would be easier to 
provide superficial remedies to increase user intention, it is equally important to reevaluate how 
adjunct faculty operate within an existing system.  
Higher education systems do not adequately support adjunct faculty’s ability to fully 
engage in technology in the classroom. Again, the study findings showed perceived behavioral 
control was the strongest predictor; however, this becomes difficult when dealing with adjunct 
faculty. Perceived behavioral control have two constructs which most faculty members would 
identify as having little control over: resources and technology facilitating resources. Faculty 
members are usually dependent on their institution to provide the needed resources such as: 
professional development opportunities, software and hardware technology, and technology 
support. This is even more so a concern for adjunct faculty who do not always have access to 
professional development and limited technology support outside of normal business hours. One 
recommendation is that administrators consider providing professional development 
opportunities at no cost to adjunct faculty, including support for online and hybrid faculty who 




compensation for attending the training. Higher education administrators must evaluate the 
purchase and maintenance costs of software and hardware accessible to adjunct faculty. 
Ultimately, all of these recommendations require financial investments by the institutions. 
Finally, the implications of this study tie into student achievement. The use of technology 
has expanded, but a critical component is integrating it to affect student achievement. 
Connecting IT with student achievement is essential for all stakeholders. Fundamentally, a 
crucial question is whether the long-term investment is beneficial to the school’s mission. 
Subjective norm (peer pressure) from students, peers, and supervisors also influences intention, 
thus meriting encouragement. The institution’s mission statement sets forth its values. Ideally, all 
functions and activities connected to the institution should tie into this mission and expose 
learners to technology. Communications from the president, deans, and department chairs should 
encourage and support technology utilization and articulate why it is important.  
The literature indicated that many adjunct faculty feel a disconnect with their 
departments. Adjunct faculty infrequently attend department meetings and workshops, making it 
challenging to build relationships essential for the subjective norm of peer pressure. Faculty-
student encounters are limited, as well. Most adjunct faculty lack office space to meet with 
students and have meaningful engagement. This study’s findings showed that 62% of the 
participants held an outside position, and 33% were teaching three or more courses, potentially at 
other institutions. It is essential to provide an opportunity for adjunct faculty to establish peer 
relationships in meaningful ways, facilitating a connection and investment for all stakeholders 
aligned with the institution’s mission. The goal is to maximize the opportunities in which 
authentic engagement and a sense of community can occur. Key recommendations for future 




faculty and the impact on intention and a broader examination of actual usage in the classroom. 
Among the implications to stakeholders are providing resources and technology to support 
adjunct faculty and opportunities for adjunct faculty to engage with students, peers, and 
supervisors. Considering these recommendations require understanding the reality in which 
adjunct faculty work and accommodating accordingly. 
Summary 
Across Chapter 5, I presented the findings, limitations, implications, and 
recommendations based on the results of this study. Data analysis showed that all independent 
variables were statistically significant positive predictors of the dependent variable intention. 
Perceived behavioral control had the strongest correlation to intention, which aligns with the 
literature. I conducted a predictive quantitative study exploring the predictive ability of attitude, 
subjective norm, and behavioral control in determining the intention to use technology in the 
classroom by adjunct faculty. After distributing a survey to 3,212 faculty members, 286 
respondents completed the survey. The findings of the study indicate that all three independent 
variables: attitude, subjective norm (peer pressure), and behavioral control are statistically 
significant predictors of user’s intentions to use technology in the class. The analysis of this 
study also revealed behavioral control is the strongest statistical predictor of user’s intention to 
use technology in the classroom, while attitude had the lowest significance. 
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Appendix A: Adjunct Faculty User Intention Survey 
My name is Mia M. Naseth-Phillips and I am a doctoral student in the Higher Education 
Department at St. Cloud State University. My dissertation topic explores adjunct faculty’s 
intention to use IT in the classroom. I would like to invite you to participate in a research study 
to help me understand what variables influence adjunct faculty’s intentions to use instructional 
technology in the classroom.  
Your participation in this study is voluntary and would be greatly appreciated. This research has 
been reviewed and approved by the Institutional Review Board at St. Cloud State University. For 
any questions regarding this survey please contact my Chair, Dr. Brittany M. Williams, at 
bmwilliams@stcloudstate.edu or (320) 308-4220. 
Please note: 
• Your participation is voluntary. 
• Your identification and response will be kept confidential. 
• You can elect to withdraw at any time. 
• You will not be compensated for participation. 
• Raw data collected will be secured for up to one year, after which time it will be 
destroyed. 
• Minimal risk is involved. 
 




1. What is your age? : 




• 50 and older 




3. What is your race? (Select one or more) 
• White 




• American Indian or Alaskan Native 
• Asian 
• Native Hawaiian or other Pacific Islander 
• Other: (Specify)__________________ 
4.  Are you of Hispanic, Latinx, or Spanish origin? 
• Yes 
• No 




• 16 or more 




• 16 or more 
7. What discipline(s) of teaching have you taught as an adjunct faculty? Select all that apply:  
• Business 
• Humanities 
• Natural and Applied Sciences 
• Social Sciences 
• Education 
• Other 
8. Please identify technology you are using at least 50% of the time in classroom instruction 




c. D2L Brightspace-Respondus 
d. Echo360 
e. Kaltura Media Space 
f. Moodle 









m. Softchalk—content authoring 
n. Sonic Foundry (Mediasite) 
o. TechSmith (Camtasia) 
p. Tegrify 
q. Turnitin—plagiarism detection 
r. Vbrick 
s. Web conference service (Adobe Connect) 
t. Zoom 
u. Other (Please Specify): 
Each category will have a dropdown button with selections on how the technology is used. 
Participants can select one or more of the following: hybrid and virtual presentations, 
discussions/blogs, video streaming, course management/posting grades, uploading/downloading 
assignments, exams, and other. 
9. Which institution do you currently work at? 
• St. Cloud State University 
• Mankato State 
• Metropolitan State University 
• Bemidji State University 
• Minnesota State University, Mankato 
• Minnesota State University, Moorhead 
• Southwest Minnesota State University 
• Winona State University 
• Other; please specify_________________ 
10. How many classes do you teach per semester? 
• 1–2 classes 
• 3–4 classes 
• 5 or more classes 
11. Is teaching as an adjunct faculty your primary employment? 
• Yes 
• No 
12. Do you have any secondary employment besides teaching? 
• Yes 
• No 
13. Are you currently teaching as an adjunct faculty? 
• Yes 
• No 









Please rate the following statements pertaining to your attitude about information about 










1. Integrating technology into instruction is 
harmful. 
1 2 3 4 5 
2. Integrating technology into instruction is 
good. 
1 2 3 4 5 
3. Integrating technology into instruction is 
pleasant for me. 
1 2 3 4 5 
4. Integrating technology into instruction is 
useful 
1 2 3 4 5 
5. I do not feel that integrating technology 
into instruction will help my students 
learn more about the subject. 
1 2 3 4 5 
6. I feel that integrating technology into 
instruction will improve students’ 
satisfaction with the course. 
1 2 3 4 5 
7. I do not feel that integrating technology 
into instruction will improve students’ 
grades. 
1 2 3 4 5 
8. I feel that integrating technology into 
instruction will improve students’ 
evaluations. 
1 2 3 4 5 
9. To help my students better learn the 
material, I am willing integrate 
technology into instruction 
1 2 3 4 5 
10. I am comfortable integrate technology 
into instruction. 













11. Integrating technology into instruction 
fits well with the way I teach. 
1 2 3 4 5 
12. I do not think integrating technology 
into instruction is compatible with my 
lifestyle. 
1 2 3 4 5 
13. I think integrating technology into 
instruction fits well with all aspects of 
my teaching activities. 






Please rate the following statements regarding the influence of others on your opinions and 










1. People who influence my behavior 
would think I should integrate 
technology into instruction. 
1 2 3 4 5 
2. People who are important to me think I 
should integrate technology into 
instruction. 
1 2 3 4 5 
3. Students who influence my behavior 
think that I should integrate technology 
into instruction. 
1 2 3 4 5 
4. I will have to integrate technology into 
instruction because my students require 
it. 
1 2 3 4 5 
5. My students do not think that I should 
integrate technology into instruction. 
1 2 3 4 5 
6. I have to integrate technology into 
instruction because my college requires 
it. 
1 2 3 4 5 
7. My supervisor does not think that I 
should integrate technology into 
instruction. 
1 2 3 4 5 
8. My supervisor expects me to integrate 
technology into instruction. 
1 2 3 4 5 
9. I believe technology integration is 
important because my peers say it is 
important. 




10. I use technology in my teaching because 
that is what most people do in my 
department. 
1 2 3 4 5 
11. I believe that other adjunct faculty at the 
college are skilled in the integration of 
technology into instruction. 
1 2 3 4 5 
12. I do not believe that if my fellow 
adjuncts are integrating technology into 
instruction that I should also. 





Please rate the following statements regarding resources assessable to you for the purpose of 










1. Prior to the COVID-19 pandemic, I 
intended to integrate technology into 
instruction in the next year. 
1 2 3 4 5 
2. Currently, I intend to integrate 
technology into instruction in the next 
year. 
1 2 3 4 5 
3. Prior to the COVID-19 pandemic, I 
integrated technology into instruction. 
1 2 3 4 5 
4. Currently, I integrate technology into 
instruction. 
1 2 3 4 5 
5. I am confident that I could integrate 
technology into instruction if I wanted 
to. 
1 2 3 4 5 
6. I would be able to integrate technology 
into instruction even if there is no one 
around to help me overcome problems in 
using it. 
1 2 3 4 5 
7. If I wanted to, I could integrate 
technology into instruction on my own. 
1 2 3 4 5 
8. I can integrate technology into 
instruction using any computer 
connected to the Internet. 
1 2 3 4 5 
9. There is not enough technology for 
instruction to use at the college. 
1 2 3 4 5 
10. I could get access to the resources that 
are needed to integrate technology into 
instruction 













11. I do not have sufficient resources to 
integrate technology into instruction. 
1 2 3 4 5 
12. I have everything I need to integrate 
technology into instruction 
1 2 3 4 5 
13. The technology at the college is 
compatible with the computer I already 
use for teaching. 
1 2 3 4 5 
14. I believe that the online learning systems 
(e.g., Blackboard) at the college is 
compatible with the way I teach. 
1 2 3 4 5 
15. I do not use technology for instruction 
because the technology at the college are 
outdated and slow. 
1 2 3 4 5 
16. The software at the college is not 
compatible with the software I use. 
1 2 3 4 5 
17. I do not feel comfortable integrating 
technology into instruction. 
1 2 3 4 5 
18. I could integrate technology into 
instruction on my own. 
1 2 3 4 5 
19. I do not know enough to integrate 
technology into instruction. 
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